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OPTIMAL TAXATION OF INCOME-GENERATING CHOICE
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Discrete location, occupation, skill, and hours choices of workers underpin their in-
comes. This paper analyzes the optimal taxation of discrete income-generating choice.
It derives optimal tax equations and Pareto test inequalities for mixed logit choice envi-
ronments that can accommodate discrete and unstructured choice sets, rich preference
heterogeneity, and complex aggregate cross-substitution patterns between choices.
These equations explicitly connect optimal taxes to societal redistributive goals and
private substitution behavior, with the latter encoded as a substitution matrix that
describes cross-sensitivities of choice distributions to tax-induced utility variation. In
repeated mixed logit settings, the substitution matrix is exactly the Markov matrix of
shock-induced agent transitions across choices. We describe implications of this equiv-
alence for evaluation of prevailing tax designs and the structural estimation of optimal
policy mixed logit models. We apply our results to two salient examples: spatial taxation
and taxation of couples.
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1. INTRODUCTION

OPTIMAL INCOME TAX RATES are shaped by the tradeoff between redistribution and eco-
nomic distortion. The dominant framework for evaluating this tradeoff and deriving op-
timal income tax formulas assumes that agents are distributed across “smooth” hours or
income choice problems indexed by an agent’s preference or productivity type. However,
many income-generating choices are naturally modeled as nonsmooth and discrete: where
to live and work, whether to accept this job or that, whether to work full- or part-time.
Integration of discrete income-generating choice into tax models permits analysis of the
implications of adjustment along these margins for tax design. It further permits inves-
tigation of granular tax designs that reach beneath incomes to condition policy on un-
derlying choices. But tax analysis in potentially unstructured discrete choice settings also
presents challenges: optimal tax equations are complicated expressions leaving taxes im-
plicit and often requiring evidence on cross-elasticities across many choice margins. We
advance tax analysis in discrete choice settings by integrating the mixed logit, a flexible
work horse demand/supply specification in applied microeconomics, into optimal tax the-
ory. First, we use it to derive new expressions that describe the potentially rich aggregate
substitution responses present in data. We show that these expressions encode behavioral
responses to payoff variation as a Markovian “substitution” matrix. Second, we exploit
the Markov structure of the substitution matrix to derive explicit expressions that con-
nect optimal taxes to private substitution behavior and public redistributive goals. Third,
we provide optimal tax equations for more structured discrete choice environments. We
derive bounds for the coefficient from a regression of optimal taxes on incomes, which
summarizes the overall redistributiveness of the tax code, and identify situations in which
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optimal taxes are monotone or convex in income. Fourth, we show in theory and in prac-
tice how the mixed logit formulation provides a clean identification of the substitution
matrix and other structural parameters needed for policy analysis. Finally, we apply our
results to two salient examples from the literature: spatial taxation and the taxation of
couples.

In discrete choice supply models, a continuum of agents with heterogeneous prefer-
ences selects from a finite set of mutually exclusive income-generating activities. Choices
may represent locations, occupations, skills, hours, pre-tax incomes, or combinations
of the preceding. Each choice is associated with an after-tax income and an inherent
amenity. Preference heterogeneity in combination with optimal choice behavior induces
a distribution of agents over choices. Classic simple logit models generate preference het-
erogeneity via additive choice-specific preference shocks that are distributed according to
a multivariate Gumbel distribution. Mixed logit models augment this with a further layer
of preference shocks that enter utilities in a potentially general way. Prior work in dis-
crete choice settings has identified the matrix of choice distribution derivatives (sensitiv-
ities) with respect to after-tax incomes as the essential behavioral component of optimal
tax equations. This matrix describes the aggregate substitutability of choices and permits
construction of the marginal excess burden of taxation. Formulas for simple logit choice
distribution sensitivities are well known and formalize the strong restrictions on substitu-
tion behavior implied by this model. In contrast, while the mixed logit is known to permit
rich substitution patterns, expressions for its choice distribution sensitivities have not pre-
viously been analyzed. We show that these sensitivities augment simple logit ones with an
extra term that captures the extent to which different agent preference types regard pairs
of choices as close substitutes and either cluster on or avoid both. Such behavior trans-
lates into elevated aggregate substitutability. We also show that the matrix of mixed logit
choice distribution sensitivities has a surprising structure: It is the product of the transi-
tion matrix of an aperiodic, irreducible Markov chain and a matrix of marginal utilities
of income. The former Markov matrix, which we call the substitution matrix and denote
Q, describes choice distribution responses to tax-induced utility variation and is central to
our analysis.

Discrete choice optimal tax equations resemble classic Ramsey commodity tax equa-
tions obtained in continuous choice settings. Like the latter, they express the marginal
tradeoff between social redistributive goals and distortion that shapes policy design. How-
ever, also like the classic equations, they leave the structure of optimal taxes implicit. In
addition, they require detailed information about behavioral adjustment along potentially
many choice margins to evaluate existing or calculate optimal policy. In the latter case,
this information is required at counterfactual equilibria. We confront these issues. First,
we utilize the Markov structure of Q to invert the marginal excess burden component of
mixed logit optimal tax equations. Compact expressions emerge that prescribe high taxes
at choices attracting agents the policymaker seeks to extract resources from and that are
close substitutes for other choices attracting such agents. Mean first passage times of Q
are revealed to be the right way to formulate (lack of) substitutability and behavioral con-
nectivity.1 Taxes are elevated when the covariance between mean first passage times and
redistribution values is negative, where the latter summarize the the policymaker’s desire
to extract from those at a choice.

1A mean first passage time between two states of a Markov chain is the expected time taken to travel
between them. In our context, low mean first passage times indicate high substitutability between the states.
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The optimal tax expressions described above place no assumptions on choices or pref-
erences beyond the flexible mixed logit. Consequently, they are available for analysis in
location, occupation, or other income-generating settings that lack natural payoff relevant
structure. In some settings, however, tractability, a focus on salient choice margins, or
prior quantitative work may motivate the adoption of additional restrictions. In exchange
for a stronger separable mixed logit assumption and after breaking open redistributive
values, we obtain an alternative optimal tax equation that formulates taxes as a fixed point
of a contraction given Q. This permits a tighter connection between the pattern of opti-
mal taxes and behavioral structure inQ. For the utilitarian simple logit case optimal taxes
depending only upon incomes emerge. In particular, optimal income tax progressivity is
entirely determined by the curvature of utility with respect to consumption no matter the
structure of production or the pattern of amenity values. Thus, a researcher who adopts
such a benchmark specification is a priori restricting themselves to an environment in
which these features emerge. When utility is log-in-consumption, a common specification
in applied work, but Q is unrestricted, the coefficient from a regression of (optimal) taxes
on income is positive and bounds on its value in terms of properties of Q are available.
This coefficient summarizes the overall redistributiveness of the tax code. Additional re-
strictions on Q supply cases in which optimal taxes are affine in income or are increasing
in income relative to taxes paid at a salient “nodal” choice.2 In other separable mixed logit
settings, we identify situations in which the structure of Q implies optimal taxes that are
monotone in both choice and income or are progressive in income.

We next consider how to connect the possibly high dimensional Q to data, and hence,
undertake quantitative evaluations of optimal taxes. In repeated separable mixed logit
economies, this connection is very direct. The substitution matrix Q is the transition
matrix describing the equilibrium evolution of agents across states in response to util-
ity shocks. Intuitively, if shock-driven flows between two choices are large, then agents
regard them as close substitutes, and consequently, a tax increment in one leads to a rel-
atively large outflow to the other. Thus, if the data is generated by a repeated separable
mixed logit, then an estimate of Q can be recovered from empirical flows of agents across
choices. Such estimates can be used to construct empirical choice distribution sensitivi-
ties, and hence, evaluate the optimality of tax systems at prevailing equilibria.3 In addi-
tion, transition data supply moments for structural estimations of underlying preference
heterogeneity parameters. The latter permit construction of maps from policy to choice
distribution sensitivities, and hence, the calculation of optimal taxes at a given welfare
criterion. The repeated mixed logit attributes persistent choice by a population of agents
to the existence of (unobserved permanent) mixing types that favor particular choices and
are rarely deflected by Gumbel shocks to alternatives. In such cases, substitutability in re-
sponse to tax variation will be low. An alternative rationale for persistence is that Gumbel
shocks describing modified circumstances or preferences are updated with low frequency
and asynchronously. In this case, agents rarely move not because they are insensitive to
payoff variation, but because their payoffs rarely change. Augmenting the mixed logit
framework with such sticky payoffs does not modify the optimal tax theory previously de-
veloped, but does alter its connection to the data. We describe how transition data and
short three period panels can be used to identify Q in this case.4

2This covers Saez’s (2002) leading model of optimal EITC, where unemployment serves as the nodal choice.
3Estimation of choice distribution sensitivities with respect to after-tax income variation also requires esti-

mation of marginal utilities with respect to after-tax income. We discuss how to do so in mixed logit settings.
4The connection of transition data to choice distribution tax sensitivities (and the formulas for these sensi-

tivities) are impacted by costs of choice adjustment. Full development of optimal tax theory for such frictional
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We put our results to work in illustrative spatial and couples hours choice applications.
In our baseline spatial application, the choice set is identified with 100 urban and rural
locations across the United States. We assume a sticky choice framework and disentan-
gle the Poisson arrival rate of fresh Gumbel shocks and Q from short migration panels
contained in the Survey of Income and Program Participation (SIPP) data. The derived Q
matrix indicates complex substitution patterns across choices and provides prima facie ev-
idence that the data is much better described by a mixed than a simple logit. Spatial choice
is persistent, with most migration occurring between urban locations or within-state be-
tween urban and rural locations. Interstate rural-rural or urban-rural migrations are rare.
We confirm that current U.S. taxes are consistent with a Pareto optimum for a large range
of plausible marginal utility of consumption weights, but that rationalizing Pareto weights
place relatively greater weight on the welfare of agents in high income urban locations.
For a fixed utilitarian welfare criteria, we find support for a granular tax code that imple-
ments more spatial redistribution than occurs currently. Redistribution from high income
urban locations is enhanced by substitutability with other other high income urban areas;
redistribution to low income rural locations is tempered by substitutability with a local
high income urban location. As an extension of our baseline application, we compute
optimal spatial taxes for two different educational groups, no-college and some-college,
subject to the raising of education-specific amounts of government funds. The latter are
chosen to match the data with variation in them capturing (unmodeled) redistribution
across education groups. The broad pattern of spatial taxes for each group resembles that
in our baseline application, though with a shift in intercept when plotted against income.
In addition, the taxes of the some-college group have a lower regression coefficient with
respect to income and show more dispersion around the regression line than those of the
no-college group. Our theory attributes this to less attachment and greater substitutability
across locations among the college-educated.

In our application to the optimal taxation of couples, we suppose that each member
of a couple can choose to work full-time, part-time, or not work creating nine possible
hours choice combinations for couples. We identify Q with the transition matrix of cou-
ples across hours choices, recover this from Current Population Survey data and use it to
inform structural estimates of couples’ preference parameters. To a first approximation,
we obtain optimal taxes that are monotone in household income, with modest but non-
trivial deviations around an affine component. We interpret these results through the lens
of our optimal tax theory for more structured settings: TheQmatrix is close to monotone,
translating into taxes that are close to monotone in household income. The regression co-
efficient of optimal taxes on household incomes is close to our upper theoretical bound
indicating substitution behavior that compresses incomes toward their mean at a fairly
uniform rate across choices. This behavior gives rise to the broadly affine shape. When
we expand the model to allow for wage variation, we obtain an optimal tax code that de-
pends not only on total household income but also on the distribution of incomes within
the couple. In particular, given total household income, we find that it is optimal to give a
tax deduction if the wife works.

Literature. A large literature considers optimal direct and indirect taxation in settings
in which agents’ choices respond smoothly to tax perturbations. In the context of income

choice models lies outside the scope of this paper. However, following Chetty (2012), in the Appendix of the
Online Supplementary Material (Ales and Sleet (2022)), we construct bounds that relate empirical transitions
from frictional economy data to the underlying frictionless substitution matrixQ, and hence, to frictionless and
frictional choice distribution elasticities.
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taxation, Mirrlees (1971) and Saez (2001) are seminal. Recent work by Lehmann, Renes,
Spiritus, and Zoutman (2019) and Sachs, Tsyvinski, and Werquin (2020) extend the anal-
ysis of optimal direct taxation to rich income choice spaces and settings with endogenous
wages, respectively. Seminal analyses of optimal commodity taxes include Diamond and
Mirrlees (1971) and Diamond (1975). Atkinson and Stiglitz (1972, 1976) point out that
while characterizing the distortions associated with optimal commodity taxation, these
works offer limited characterization of the taxes themselves. They invert optimal com-
modity tax formulas to obtain further characterization in some cases. Saez (2002) recasts
optimal income tax analysis in a discrete choice commodity tax framework and consid-
ers implications for EITC design. Saez (2004) shows that classical public finance results,
such as production efficiency and uniform commodity taxation survive in a discrete in-
come choice setting. Scheuer and Werning (2016) makes explicit the link between this
framework and the continuum Mirrleesian model of optimal income taxation. Rothschild
and Scheuer (2013) initiate a line of research in which agents make discrete occupational
choices and continuous effort choices. See also Rothschild and Scheuer (2014), Ales and
Sleet (2015), Gomes, Lozachmeur, and Pavan (2018), and Hosseini and Shourideh (2019).
Each of these papers differs with respect to focus, the modeling of production, and the tax
instruments available to the policymaker. However, in all of them agents have no inher-
ent preferences over occupations: They select the occupation that maximizes their income
and make small income adjustments in response to small tax changes. Laroque and Pavoni
(2017) derive novel results on the optimal taxation of couples in a discrete choice model.
Kroft, Kucko, Lehmann, and Schmieder (2020) introduce (one shot) search and imper-
fect labor market competition into a discrete choice tax model. Relative to these papers,
our contribution is to derive optimal tax formulas and Pareto tax inequalities for mixed
logit discrete choice settings that permit complex substitution and adjustment patterns
across choices and incomes. Colas and Hutchinson (2021) and Fajgelbaum and Gaubert
(2020) consider optimal tax design in spatial settings with rich production functions. Our
quantitative spatial application relates to and complements this work by showing how to
introduce potentially rich mixed logit preference structures into the analysis.

Layout. The remainder of the paper proceeds as follows. Section 2 introduces our
baseline mixed logit environment and provides optimal tax conditions for this setting.
Section 3 derives and interprets expressions for choice distribution sensitivities in simple
and mixed logit settings. Section 4 embeds choice sensitivity formulas into the optimal
tax equations from Section 2. Section 5 considers tax design in more structured settings.
Section 6 describes how to connect Q to data. Section 7 deploys our approach to evaluate
optimal policy design for the cases of spatial and couples taxation. Section 8 concludes.

2. OPTIMAL TAXATION IN MIXED LOGIT ENVIRONMENTS

This section lays out an equilibrium mixed logit environment and presents an optimal
tax equation and Pareto test inequality for such a setting.

Individual Choice. An economy is populated by a continuum of agents. Each agent
selects a discrete income-generating activity i from a finite set I = {1� � � � � I}. Depending
on context i ∈ I may represent a location, occupation, skill, hours choice, or income.
Associated with each activity choice i is a pre-tax income w(i), a tax τ(i), and an after-
tax income q(i) = w(i) − τ(i). Thus, the granularity of taxes corresponds to that of the
activity choice space and distinct choices associated with identical (or similar) pre-tax



2402 L. ALES AND C. SLEET

incomes may be taxed (very) differently.5 Agents derive utility from after-tax income and
the innate amenity value of an activity choice. An agent’s payoff from selecting i given
after-tax income q(i) is

u
(
q(i)� i�β

) + ε(i)�

where (β�ε) ∈ B×R
I denotes the agent’s type and u :R+ ×I×B → R is assumed increas-

ing and concave in its first (after-tax income) argument and to have continuous derivative
∂u
∂c

in this argument. For a vector of after-tax incomes q ∈ R
I
+, we write ∂u

∂c
(q� i�β) as short-

hand for the marginal utility ∂u
∂c

(q(i)� i�β) at i. Given q ∈ R
I
+, a (β�ε)-agent solves

v(q�β�ε) := max
i∈I

u
(
q(i)� i�β

) + ε(i)� (1)

Agents draw their (β�ε)-type from a probability distribution μ. Such draws are indepen-
dent across type components and across agents. The marginal distribution of μ with re-
spect to β types has a density m, while the marginal distribution of each ε(i) component
is assumed to be a standard Gumbel.6 Together μ and the choice problems (1) define
a mixed logit activity supply model. Given q, this model implies a distribution P(q) of
agents over (payoff maximizing) activity choices, where for each i:

P(i|q) =
∫
B
P(i|q�β)m(β) dβ� with P(i|q�β) = expu(q(i)�i�β)∑

j∈I
expu(q(j)�j�β)

(2)

the fraction of β agents selecting i. The mixed logit framework combines flexibility and
tractability. It can accommodate or approximate a large class of discrete choice prefer-
ence structures, and consequently, can generate a wide range of substitution responses
to after-tax income perturbations.7 In addition, it delivers choice distribution functions
P(q) that are smooth in after-tax incomes and whose derivatives have a tractable form.
These attributes have made the mixed logit a workhorse framework in modern applied
microeconomics. Its use thus permits contact with a rich empirical literature that has
supplied specification tests, estimation strategies, and identification arguments. Taken to-
gether these advantages make the mixed logit a natural framework for applied work in
tax design.

Three salient special cases are contained or approximated by the mixed logit. The first
is the simple logit specification without mixing (in which m is assumed to be degenerate
and concentrated at a point and β is omitted from the notation). This widely used case
serves as a benchmark throughout this paper and we repeatedly return to it. The second
is the separable mixed logit model in which mixing is permitted but the utility function is
specialized to

u
(
q(i)� i�β

) = u0

(
q(i)� i

) + u1(i�β)� (3)

5Variation in taxes across choices with very similar incomes may be interpreted as “loopholes” and our
results as providing a theory of optimal loopholes. We thank a referee for this interpretation.

6A standard Gumbel is one with zero location and unit scale parameters. This choice normalizes u(q� i�β)
to give the location of the Gumbel distribution describing payoffs at i conditional on β.

7McFadden and Train (2000) show that the choice distributions generated by a large class of discrete choice
models can be approximated by a mixed logit model that augments the underlying model with “Gumbel noise.”
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with corresponding derivative ∂u0
∂c

in after-tax income. This case is consistent with a wide
range of substitution responses to utility variation at a choice. But it implies that an after-
tax income change at a choice induces identical utility variation for all agents selecting
that choice. As described below, this facilitates nonparametric identification and sharpens
theoretical results. Third, the mixed logit can be specified to approximate the Mirrleesian
model with zero non-local cross elasticities. This is achieved by defining I to be an ordered
set of pre-tax incomes, imposing a single crossing property on u (with respect to i and β),
and selecting u to ensure that variation in its values across choices is “large” relative to
utility variation induced by Gumbel shocks.

Production and Equilibrium. A technology F :RI
+ → R+ converts allocations of agents

across activities p ∈ R
I
+ into final consumption good amounts. We assume through-

out that F is increasing, has constant returns to scale, a continuous derivative ∂F
∂p

=
( ∂F
∂p(1) � � � � �

∂F
∂p(I) ), and satisfies an Inada condition. Given a vector of pre-tax incomes

w ∈R
I
+, a representative firm selects a demand allocation of agents pD to maximize profits

F (pD) − ∑
Iw(i)pD(i).

Let G denote exogenous government spending. A competitive equilibrium is a sup-
ply allocation of agents pS , a demand allocation pD, a pre-tax income vector w, and a
tax vector τ ≤ w that is consistent with agent and firm optimality, market clearing, and
policymaker budget balance. In particular, a competitive equilibrium (pS�pD�w�τ) satis-
fies: pS = P(w−τ),w= ∂F

∂p
(pD), pS = pD, and

∑
I τ(i)pS(i)−G≥ 0. Associated with any

competitive equilibrium (pS�pD�w�τ) is an after-tax income vector q=w−τ. Combining
the preceding conditions, using the constant returns to scale property of F , and substitut-
ing for q delivers an implementability condition that completely characterizes equilibrium
after-tax income vectors.

LEMMA 1: In the mixed logit environment with technology F , government spendingG, and
P defined as in (2), q ∈ R

I
+ is a competitive equilibrium after-tax income vector if and only if

it satisfies the implementability condition:

H(q) := F(
P(q)

) −
∑
i∈I
q(i)P(i|q) −G≥ 0� (4)

PROOF: See Online Appendix A.1. Q.E.D.

Optimal Policy. Given monotonicity of u in after-tax income, an implementable after-
tax income vector q (i.e., a q ∈ R

I
+ satisfying (4)) is Pareto optimal if there is no imple-

mentable alternative q′ such that q′ ≥ q with the inequality strict for some i. Let

S(q;λ) =
∫
B×RI

λ(β�ε)v(q�β�ε) dβdε� (5)

with λ a Pareto density and v defined as in (1), denote the societal payoff to a competitive
equilibrium with after-tax income vector q. The derivatives of (5) with respect to q(i)
may, after normalization by P(i|q), be interpreted as the average marginal social welfare
weight of those selecting i. In particular, for the case in which λ depends on β, but not ε,
we have, via an envelope theorem, that: B(i) := 1

P(i|q)
∂S(q;λ)
∂q(i) = ∫

B λ(β) ∂u
∂c

(q� i�β) P(i|q�β)
P(i|q) dβ.
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Assume that a policymaker selects a competitive equilibrium to maximize the objective
(5). Then, given Lemma 1, the policymaker’s problem reduces to

sup
q

{
S(q;λ) |H(q) ≥ 0

}
� (6)

Proposition 1 below provides an initial characterization of Pareto optimal and optimal
taxes in our mixed logit setting.8 The proposition provides a starting point for our analysis
and a point of contact with other (nonmixed logit) discrete choice tax analyses. Our sub-
sequent focus below is on using the mixed logit structure to operationalize the formulas
in this proposition.

PROPOSITION 1: After-tax income vector q > 0 is Pareto optimal only if for all i ∈ I :

1 ≥
∑
j∈I

τ(j)
P(i|q)

∂P(j|q)
∂q(i)

� (7)

where τ is the corresponding (Pareto optimal) tax vector τ(j) = ∂F (P(q))
∂p(j) − q(j). An after-tax

income vector q is a regular9 optimum at λ only if for all i ∈ I :

1 − B(i)
ϒ

=
∑
j∈I

τ(j)
P(i|q)

∂P(j|q)
∂q(i)

� (8)

with B(i) = 1
P(i|q)

∂S(q;λ)
∂q(i) the average marginal social welfare weight of those selecting i, τ the

optimal tax function, and ϒ the multiplier on H(q) ≥ 0 at the optimum. In the separable
mixed logit case, ϒ=

∑
I{∂u0(q�i)/∂c}−1B(i)P(i|q)∑

I{∂u0(q�i)/∂c}−1P(i|q) .

PROOF: See Online Appendix A.1. Q.E.D.

Expression (7) provides a test of Pareto optimality that corresponds to being on the
“right” side of the Laffer curve: if an equilibrium fails to satisfy (7), then it is possible to
raise after-tax income at a choice, while simultaneously raising tax revenues. Expression
(8) pairs a Pareto weighting density λ with an after-tax income vector q (and correspond-
ing tax vector τ). It may be interpreted as a necessary condition for tax optimality at a
given Pareto weighting or as a necessary condition for a Pareto weighting to rationalize
the optimality of a given after-tax income vector.10 The left-hand side of (8) gives the
net mechanical social benefit from slightly reducing q(i) per member of the population
at i. This benefit consists of the additional resources released for redistribution or gov-
ernment finance less the welfare loss to those agents choosing i. The reduction in q(i)
induces choice adjustments. The right-hand side of (8) also gives the associated marginal
deadweight loss.

8Proposition 1 makes use only of the smoothness of P(q) and not the particular form described in (2), and
hence, holds more broadly for discrete choice models with choice distributions that are smooth in after-tax
incomes. Versions of optimal tax equation (8) in the proposition were first derived by Saez (2002, 2004).

9A regular optimum q solves (6) and satisfies a Slater condition: for a perturbation ∂q, H(q) + ∂H(q)
∂q
∂q > 0.

10We prove (7) directly. It also follows from (and implies) nonnegativity of marginal social welfare weights
in (8).
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Literature Connections. In models of optimal commodity taxation with continuous
choice, equations similar to (8) are further analyzed by applying the Slutsky equation
to individual demands, exploiting the symmetry of the Slutsky matrix, and reorganizing to
give expressions of the form:

1 − B(i)
ϒ

=
∑
j∈I

τ(j)
X(i|q)

∂Xc(i|q)
∂q(j)

� (9)

where X(i|q) replaces P(i|q) and denotes aggregate demand for good i, ∂X
c (i|q)
∂q(j) is the ag-

gregate compensated demand sensitivity for good i with respect to price q(j), and B(i)
augments marginal social welfare weights with terms that absorb tax revenue implications
of individual level income effects. Note that in (9) Slutsky symmetry is used to replace∑

j∈I
τ(j)
X(i|q)

∂Xc (j|q)
∂q(i) with

∑
j∈I

τ(j)
X(i|q)

∂Xc (i|q)
∂q(j) and formulate the aggregate behavioral response

in terms of the impact on the demand for good i of adjustments in the price of all other
goods j. The value of this classic formulation lies in its interpretation. The right-hand side
of (9) is interpreted as the “discouragement” to the aggregate demand for good i stem-
ming from a proportional adjustment in taxes. When agents are identical, the B(i) terms
do not depend on i and this discouragement is equalized across goods. When agents are
heterogeneous, the expression indicates that goods that carry smaller values of B(i) and
that are consumed by agents with lower social marginal values of income are discouraged
more. However, while expression (9) speaks to the optimal pattern of distortions, as var-
ious authors, for example, Atkinson and Stiglitz (1972), have noted, it is not especially
informative about the structure of optimal taxes themselves. Atkinson and Stiglitz (1972,
1976) consider inversion of the matrix of compensated demand responses to obtain more
explicit results for taxation. However, outside of special cases (e.g., two goods) this yields
limited characterization.

In the discrete choice tax equation (8), the choice distribution sensitivities ∂P(j|q)
∂q(i) corre-

spond to uncompensated aggregate demand sensitivities. These are not generally symmet-
ric: ∂P(j|q)

∂q(i) �= ∂P(i|q)
∂q(j) . However, a version of (9) is available by exploiting symmetry of choice

probability sensitivities with respect to payoff variation. The next lemma specializes to the
case of the separable mixed logit (3) and gives the result.11

LEMMA 2: Assume a separable mixed logit. Let B(i) = 1
P(i|q)

∂S(q;λ)
∂q(i) and M(i� j) = ∂u(q�i)

∂c
/

∂u(q�j)
∂c

, then at a regular optimum:

1 − B(i)
ϒ

=
∑
j∈I

τ(j)M(i� j)
P(i|q)

∂P(i|q)
∂q(j)

� (10)

PROOF: See Online Appendix A.1. Q.E.D.

Expression (10) resembles the classic formula (9) and carries a related interpretation:
at the optimum, the discouragement to the proportion of agents selecting i from a pro-
portional adjustment in taxes (repriced byM(i� j) into choice i consumption units) equals

11In the separable case ∂P(j)
∂q(i) = ∂P(j)

∂v(i)
∂u(q�i)
∂c

, where ∂P(j)
∂v(i) , the sensitivity of P(j) to utility at i, is symmetric:

∂P(j)
∂v(i) = ∂P(i)

∂v(j) . Symmetry with respect to q occurs in the absence of income effects: u(q(i)� i�β) = aq(i) +
u1(i�β).
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the social value of redistributing a dollar from those at i.12 However, while the formula
(10) aligns with the well known optimal commodity tax formulas, the critique of Atkinson
and Stiglitz (1972) that it carries limited information on the design of taxes themselves
remains. In Section 3, we show that mixed logit choice distribution sensitivities ∂P(i|q)

∂q(j) have
additional structure, which we use to unravel (8) and get sharper characterizations of
optimal taxes.

Expressions (7), (8), and (10) indicate that in general all (own and cross) choice distri-
bution sensitivities are needed to evaluate optimality of a given tax system. The applied
researcher is often confronted with limited direct evidence on the response of agents to
tax variation, which has occurred occasionally and along specific margins. Applied work
has proceeded by a priori placing structure on choice distribution sensitivities. For exam-
ple, in his analysis of income tax design, Saez (2002) focuses on the case in which activity
choices are incomes and agents (can) only substitute between an income, neighboring in-
comes and nonwork so that for each i ∈ I only ∂P(j|q)

∂q(i) , j ∈{0� i−1� i� i+1}∩I are nonzero,
that is, only “local” cross-elasticities and cross-elasticities with respect to inactivity are
permitted to be nonzero. Restricting substitution patterns in this way is natural when the
activity choice set is incomes and permits sharp results concerning Saez’s targeted EITC
application, but is less natural in the context of more complex and less structured activity
choice sets. Recent contributions, particularly in spatial settings, have instead adopted the
(conditional) simple logit preference model of MacFadden (1974). Colas and Hutchinson
(2021) utilize this in their analysis of optimal income taxation in a discrete spatial setting,
while Fajgelbaum and Gaubert (2020) augment it with endogenous amenity externalities
in a model of optimal placed-based taxation. However, the simple logit structure (without
mixing) also imposes strong a priori structure on choice distribution behavioral responses
within conditioning populations, albeit a very different structure from that imposed by
Saez (2002) or papers in the Mirrleesian tradition.

3. MIXED LOGIT BEHAVIORAL RESPONSES

This section derives simple, interpretable expressions for behavioral responses in mixed
logit settings. In particular, it shows that mixed logit models encode potentially rich em-
pirical own and cross-substitution responses to granular payoff variation as a Markov sub-
stitution matrix. We heavily exploit this fact in subsequent optimal tax analysis.

Substitution in the Simple Logit. As a step toward deriving mixed logit behavioral re-
sponses, consider first the (simple) logit model without mixing. It will be convenient to
formulate responses in this and subsequent models in terms of 1

P(i|q)
∂P(j|q)
∂q(i) . For j �= i,

1
P(i|q)

∂P(j|q)
∂q(i) is the number of agents who, in response to an after-tax income increment

at i, move from j to i expressed as a share of population at i. For j = i, it is the number
of agents who, in response to the increment, arrive in i from alternative choices again
expressed relative to the population at i. The simple logit model delivers the following
expression for these responses:

1
P(i|q)

∂P(j|q)
∂q(i)

= (
I(i� j) − P(j|q)

)∂u(q� i)
∂c

� (11)

12For the general mixed logit formula, (10) is modified to take into account the β-specific pricing of con-
sumption. It becomes 1 − B(i)

ϒ
= ∑

j∈I
τ(j)
P(i|q)E[ ∂P(i|q�β)

∂q(j) M(i� j|β)], with M(i� j|β) = ∂u(q�i�β)
∂c

/ ∂u(q�j�β)
∂c

.
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where I(i� j) is the identity function that equals 1 if j = i and zero otherwise. Expression
(11) is simple, but also restrictive. In particular, it implies that a tax increment at i induces
agents to depart i and move to alternative choices j in proportion to the population at
these alternatives.13 To illustrate the strength of the restriction, consider the following
scenarios.

SPATIAL EXAMPLE: An economy’s spatial choice set consists of two cities and many
rural locations. Taxes are higher in the cities and lower elsewhere. Assume that in equi-
librium the population divides with half locating in the two cities and the rest distributed
uniformly across rural locations. A policymaker is considering whether to raise taxes in
one of the cities. If the distribution of preferences is described by a simple logit, then a tax
increment in a city will induce some of its residents to disperse to other locations in pro-
portion to these other locations’ populations. Two-thirds of the dispersers go to the low-
tax rural locations and one-third to the other high-tax city. Given that the rural locations
are taxed more lightly, this substitution will impose a relatively large loss in revenue (per
dispersing agent). Suppose instead that the population is comprised of two groups. The
first group prefers urban locations, concentrates upon the two cities, and regards them
as close substitutes. The second prefers the countryside, concentrates upon the rural lo-
cations, and regards these as close substitutes. In this second scenario, a tax increment
in one city will primarily push (first group) agents into the other high tax city. The loss
in tax revenues associated with this substitution will be smaller. Assessing which substitu-
tion pattern prevails is important to the policymaker, but the second, while plausible, is a
priori excluded by the simple logit specification.14

Substitution in the Mixed Logit. Although restrictive, the simple logit is a useful bench-
mark and building block for more elaborate discrete choice models. The separable mixed
logit model supposes u(q(i)� i�β) = u0(q(i)� i) + u1(i�β) with agents distributed over β
types. Differentiating (2) and rearranging the expression for the derivative of P for this
case delivers the behavioral response formula:15

1
P(i|q)

∂P(j|q)
∂q(i)

= (
I(i� j) − P(j|q)

)∂u(q� i)
∂c

− Cov
(
P(j|q�β)
P(j|q)

�
P(i|q�β)
P(i|q)

)
P(j|q)

∂u(q� i)
∂c

� (12)

Equation (12) has a natural interpretation. The first right-hand side term in (12) is the
simple logit behavioral response (11). The additional covariance term in (12) modifies
this to capture the more general substitution patterns permitted by the separable mixed
logit. Suppose that the population of β types as a whole regard a pair of choices i and j as

13Underlying this is the independence of irrelevant alternatives (IIA) assumption built into the simple logit
specification. This implies that the relative proportions selecting two choices P(k|q)/P(j|q) is independent of
the availability or attractiveness of a third i and so must decrease/increase in the same proportion as the third
choice becomes more/less attractive.

14Other preference configurations are possible. If each city is paired with a set of neighboring rural loca-
tions and agents segment into groups that prefer geographic regions, then substitutability will be high between
neighboring urban and rural places. Again this is ruled out by the simple logit specification.

15Formulas for simple logit sensitivities can be found in many places in the literature; see, inter alia, Nevo
(2000). The formulas given here for mixed logit behavioral responses are, to the best of our knowledge, new.
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close substitutes, with some β types regarding them as similarly attractive, others as sim-
ilarly unattractive. The first group of β types has large values for both P(j|q�β)

P(j|q) and P(i|q�β)
P(i|q) ;

the second group low. As a result, P(j|q�β)
P(j|q) and P(i|q�β)

P(i|q) covary positively across β and the be-

havioral response − 1
P(i|q)

∂P(j|q)
∂q(i) is elevated. Economically, a utility increment at i draws a

relatively large proportion of those types that find i attractive toward it. Since these types
concentrate on j, it draws a relatively large fraction from j and the substitution response
between j and i is large.16 The covariance term in (12) encapsulates these substitution
patterns. In particular, the formulation is flexible enough to accommodate the alternative
locational choice scenario described previously.

Formula (12) imposes structure on the matrix of behavioral responses: it has positive
diagonal and negative off-diagonal elements. In addition, to this it implies that behavioral
responses to utility variation can be encoded as elements of a Markov transition matrixQ.
Moreover, the Markov chain corresponding toQ is aperiodic, irreducible, and reversible17

and has stationary distribution PQ equal to the choice distribution P .

PROPOSITION 2: In the separable mixed logit model, the behavioral response of P(j|q)
with respect to a util increment at i is given by

1
P(i|q)

∂P(j|q)
∂v(i)

= I(i� j) −Q(i� j|q)� (13)

where:

Q(i� j|q) = P(j|q) + P(j|q) Cov
(
P(j|q�β)
P(j|q)

�
P(i|q�β)
P(i|q)

)
� (14)

and Q is the transition of an aperiodic, irreducible, and reversible Markov chain with unique
stationary distribution PQ equal to P . The util behavioral responses in (13) are converted into
after-tax income behavioral responses via multiplication by marginal utilities:

1
P(i|q)

∂P(j|q)
∂q(i)

= (
I(i� j) −Q(i� j|q)

)∂u(q� i)
∂c

� (15)

PROOF: See Online Appendix A.2. Q.E.D.

We call Q (and its counterpart in the general nonseparable mixed logit model) the sub-
stitution matrix. In the simple logit case, Q(i� j) = P(j) and Q = P , where the matrix P
has rows equal to the choice distribution P . More generally, Q accommodates the richer
substitution patterns permitted by the separable mixed logit model. As we discuss further
below, the matrix Q has a second interpretation: In a repeated mixed logit setting, each
row gives the choice distribution of agents following a fresh draw of Gumbel shocks con-
ditional on current choice. We formally derive this and explore its implications for relating
mixed logit tax models to data in Section 6.

In the general (nonseparable) mixed logit setting, marginal utilities of after-tax income
vary by type. This adds a further layer to behavioral responses. Now an after-tax income

16In terms of the underlying preferences, one group has large values for u1(i�β) and u1(j�β) and the other
has low values for these utilities. There is relatively little variation in u1(i�β) − u1(j�β) across β.

17A Markov chain with transition matrix Q is reversible if for all i and j: PQ(i)Q(i� j) =Q(j� i)PQ(j). In our
set up, reversibility is a reflection of the symmetry of {∂P(j|q)

∂v(i) } noted in Section 2.
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increment at a choice i delivers different utility increments to different types. Substitution
from one choice j to another i is elevated if types that concentrate on j also concentrate
on i and those that concentrate on both have relatively large marginal utilities in choice i.
Proposition 3 generalizes results from Proposition 2 to this case. As before, the matrix of
behavioral responses has positive diagonal and negative off-diagonal elements and substi-
tution patterns may be formulated in terms of the transition matrixQ of an ergodic chain.
The matrixQ now incorporates the impact of marginal utility variation and need not have
P as its stationary distribution.

PROPOSITION 3: In the general mixed logit model, the sensitivities of P with respect to q
are given by

1
P(i|q)

∂P(j|q)
∂q(i)

= (
I(i� j) −Q(i� j|q)

)
E

[
∂u(q)
∂c

∣∣∣i]� (16)

where Q(i� j|q) = P(j|q) +P(j|q) Cov(P(j|q�β)
P(j|q) �

∂u(q�i�β)/∂c
E[∂u(q)/∂c|i]

P(i|q�β)
P(i|q) ) and Q is an aperiodic, irre-

ducible Markov matrix with unique stationary distribution PQ not generally equal to P .

4. OPTIMAL TAX DESIGN FOR UNSTRUCTURED CHOICE ENVIRONMENTS

This section obtains an explicit characterization of optimal policy in mixed logit settings
in which no restrictions are placed on I or the dependence of u on i. It is available for
analysis of taxation in location, occupation, or other income-generating choice settings
that lack natural payoff-relevant structure on choices.

Redistribution Vectors. Given an equilibrium after-tax income vector q and Pareto
weights λ, define the corresponding redistribution vector θ:

θ= {
θ(i)

}
� with θ(i) := 1

E
[
∂u(q)/∂c|i

]{
1 − B(i)

ϒ

}
� (17)

where B(i) is the average marginal social welfare weight of those at i and ϒ =∑
I B(i) PQ (i)/E[∂u(q)/∂c|i]∑

I PQ(i′)/E[∂u(q)/∂c|i′] is the social value of a unit of resources distributed across
choices so as to leave the choice distribution P unaltered.18 The term θ(i) is the dol-
lar value to society of redistributing an expected util’s worth of resources from agents at i
to the policymaker’s budget. In the separable mixed logit model, θ(i) reduces to

θ(i) = 1
∂u(q� i)/∂c

− λ(i)
ϒ
� (18)

where the first right-hand term gives the resources released by the redistribution and the
second nets out the social value of the resulting welfare loss to those at i, with λ(i) the
average Pareto weight of such agents. Thus, θ describes the policymaker’s desire to un-
dertake marginal redistributions of welfare across populations concentrated on different
choices at a prevailing allocation and exclusive of behavioral response considerations.

18Let �(i) be a small after-tax income perturbation that leaves P unchanged. For each j, 0 = ∑
i �(i) ∂P(j|q)

∂q(i) =∑
i E[ ∂u(q)

∂c
|i]P(i|q)�(i){I(i� j) −Q(i� j)}. Thus, the vector {E[ ∂u(q)

∂c
|i]P(i|q)�(i)} lies in the null space of I−Q

and is proportional to PQ. The perturbation may be chosen to satisfy �(i) = PQ(i)/E[ ∂u(q)
∂c

|i]P(i|q). Dividing
the social value of this perturbation

∑
i B(i)�(i)P(i) by its cost

∑
i �(i)P(i) delivers the formula for ϒ.
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Optimal Tax Conditions in Terms of Q and θ. Substituting the expression for choice
distribution behavioral responses (16) into the Pareto test inequality (7) and rearranging
gives

1
E[∂u/∂c]

≥ (I−Q)τ� (19)

where 1
E[∂u/∂c] is the vector of reciprocal expected marginal utilities conditional on choice.

In addition, substitution of Q and θ into the general optimal tax equation (8) implies

θ= (I−Q)τ� (20)

Given an empirical strategy for recovering equilibrium 1
E[∂u/∂c] and Q, (19) permits testing

of a prevailing tax system τ for Pareto optimality, while (20) permits computation of θ,
and hence, via (17), recovery of the marginal social welfare weights that support τ as an
optimum. Alternatively, (20) can be used to interpret an optimal tax system at a given
welfare criterion by connecting it to a policymaker’s desire to redistribute (the left-hand
side is the redistribution vector) and agents’ willingness to substitute across choices (the
right-hand side is the normalized marginal excess burden of taxation). As in (8) and the
classic continuous case (9), such interpretation is complicated by the implicit nature of
(20).

Explicit Optimal Tax Equations. The Markov nature ofQ permits derivation of a more
explicit expression that renders connections between optimal taxes, social redistributive
goals, and private substitution behavior transparent. As a first step to elucidating this ex-
pression, defineGQ = ∑

I PQ(i)τ(i) to be the total revenues collected at PQ, the (unique)
stationary distribution associated with Q. Substituting this into (20) gives

τ = θ+ (Q− PQ)τ+GQe� (21)

where PQ is the stationary matrix of Q, that is, the matrix whose rows equal the stationary
distribution PQ, and e is the unit vector. Equation (21) has immediate implications for the
simple logit case and highlights its salient role as a benchmark. In this case, Q= PQ = P
and GQ =G, and hence, from (21),

τ = θ+Ge� (22)

Strikingly under the simple logit, variation in taxes across choices exactly equals variation
in the elements of θ. Moreover, this result is independent of the exact specification of the
utility function u or the production function F . It is a consequence of the strong a priori
assumption placed on substitution responses by the simple logit. In particular, since in this
model the pattern of substitution induced by a payoff perturbation at i is independent of i,
no adjustment in taxes is needed to accommodate heterogeneity of substitution responses
of agents concentrated on particular choices. Thus, taxes depend on θ alone.

More generally, it follows from (21) that variation in optimal taxes across choices is
associated with variation in the elements of both θ and (Q − PQ)τ. The ith element of
(Q− PQ)τ gives the additional tax revenues generated when agents at i disperse across
choices according to Q(i� ·) rather than the stationary distribution PQ. Thus, (21) implies
that taxes are higher at a choice i if tax-induced utility cuts lead agents to disperse to or
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remain in high tax choices (relative to the average implied by PQ). However, such desti-
nation choices are in turn high tax because they are associated with high redistribution
values and high substitutability with other high tax choices. Unfolding this recursion and
deriving a more explicit expression for optimal taxes can be achieved via “inversion” of
the I −Q component of the marginal excess burden term in (20). Since Q is a Markov
matrix and the matrix I −Q is singular, this inversion step requires a generalized matrix
inverse concept called a group or Drazin inverse. Although an arbitrary square matrix
X need not have a group inverse, matrices of the form I − Q, with Q the transition of
an aperiodic, irreducible Markov chain, do. Further, their group inverses have the conve-
nient form (I−Q)# = ∑∞

n=0(Qn − PQ). We use this fact in Proposition 4 below.19

PROPOSITION 4: Assume that agents are distributed across preferences according to a
mixed logit model. At a regular optimum, taxes τ, redistribution vector θ, and correspond-
ing substitution matrix Q satisfy

τ =
∞∑
n=0

(
Qn − PQ

)
θ+GQe=

∞∑
n=0

CovQ

(
Qn − PQ
PQ

�θ

)
+GQe� (23)

where the ith element of the vector CovQ(Q
n−PQ
PQ

� θ) is the covariance between Qn(i�·)−PQ
PQ

and θ
under PQ. In the separable mixed logit case, formula (23) holds with PQ = P and GQ =G.

PROOF: See Online Appendix A.3. Q.E.D.

The expressions in (23) formalize the idea that optimal taxes are higher at those choices
that have high redistribution vector values and that are close substitutes for other high
redistribution value choices. They admit an intuitive probabilistic interpretation.20 As a
thought experiment, consider a population of agents that transitions across states accord-
ing to the Markov chain Q. For any finite N , the (i� j)-th element of

∑N

n=0(Qn − PQ)
gives the expected number of visits to j over N periods by an agent starting from i net
of the expected number of visits unconditioned on any initial choice. As N becomes
large this matrix converges to (I −Q)#. The ith element of

∑∞
n=0(Qn − PQ)θ in (23) can

then be interpreted as the expected social value of redistributing a util at each date from
those who start at i to the general population if agents progress across choices according
to Q.

The probabilistic interpretation of choice substitutability and its connection to taxation
is sharpened by the next result, which relates optimal taxes to the mean first passage times
of Q. Let mQ(i� j) denote the (i� j)-th mean first passage time of Q, that is, the expected
number of periods before an agent at i “travels” to j under Q.21 In our context, mean first
passage times may be interpreted as proxies for (cross) (in)elasticities: If mQ(i� j) is high,
agents move infrequently between i and j (under Q) indicating limited substitutability

19In the applied mathematics literature, a pair θ+g= (I−Q)τ and g
 = g
Q, where 
 denotes a transpose
and with θ and Q fixed, is referred to as a Poisson equation with solution (g�τ). Equation (20) defines a
Poisson equation with solution (0� τ). In this literature, the group inverse (I −Q)# is known as the deviation
matrix. Here, we redeploy deviation matrices to characterize optimal taxes in discrete choice economies. See
Hernández-Lerma and Lasserre (2012) and Lamond and Puterman (1989) for further details.

20This contrasts with the much less intuitive inversion formulas derived by Atkinson and Stiglitz (1972) that
are expressed in terms of ratios of sums of elasticities of marginal utilities.

21mQ(i� i) interpreted as the expected return time to (or expected recurrence time of) choice i under Q.
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between these choices. Proposition 5 provides a remarkably simple relationship between
optimal taxes, mean first passage times of Q, and redistribution vectors. It asserts that
taxes are higher at choices that have high redistribution values and that are behaviorally
well connected to other high redistribution value choices. The latter connectivity is sum-
marized by a smaller mean first passage time/redistribution value covariance, with low
(resp., high) mean first passage times to high (resp., low) θ alternatives.

PROPOSITION 5: Assume that agents are distributed across preferences according to a
mixed logit model. At a regular optimum, taxes τ, redistribution vector θ, and correspond-
ing substitution matrix Q satisfy

τ = θ− ÊQ
[
CovQ(mQ�θ)

] +GQe� (24)

where ÊQ[·] is the deviation-from-mean operator with ÊQ[x] = (I− PQ)x and CovQ(mQ�θ)
is the (cross-)covariance vector with ith element the covariance between mQ(i� ·) and θ un-
der PQ.

PROOF: See Online Appendix A.3. Q.E.D.

Equation (24) implies that if two choices have similar redistribution values, but one is
well connected (in a mean first passage sense) to high redistribution value choices, while
the other is poorly connected, then taxes will be higher at the first choice than the sec-
ond. Consider Saez’s (2002) result that EITC and the provision of subsidies to the work-
ing poor are optimal. In Saez’s framework unemployment and low earnings choices have
similar low redistribution values, but different substitution patterns: substitution between
unemployment and high earnings choices is possible, while substitution between low and
high earnings choices is not. A mixed logit model would encode these substitution pat-
terns as a smaller (resp., larger) mean first passage time from unemployment (resp., low
earnings) to high earnings. Since high earnings is a high redistribution value choice, the
mean first passage time/redistribution value covariance in (24) is correspondingly reduced
for unemployment relative to low earnings. Consequently, greater subsidies for low earn-
ings choices and a prescription for EITC emerge from (24). To see these formulas in
action in a less familiar setting, consider a spatial example.

SPATIAL EXAMPLE (REVISITED): The choice set I contains one city and one rural lo-
cation. Pre-tax wages are exogenously given as 1 in the city and 0.8 in the rural location.
Thus, all reported quantities can be interpreted as percentages of urban incomes. Agents
have preferences net of Gumbel shocks of the form: u(q(i)� i�β) = q(i) +β(i). The pol-
icymaker attaches a Pareto weight of 0.94 to those who select cities and 1 to those who
select rural areas. There is no government spending. Cases are distinguished by their β-
type distributions.

Case 1. In the benchmark simple logit case, there is a single type β= {1�1} that values
amenities in both locations equally. Results are given in Table I. In line with (22), optimal
taxes equal redistributive values. In particular, the policymaker’s concern for those who
receive (Gumbel) preference shocks favoring the low wage rural location induces it to
shrink moderately the 20% pre-tax city wage premium to a 14% post-tax consumption
premium. The corresponding mean first passage timesmQ are independent of originating
choices indicating that behavioral connectivity is uniform across these choices. The lower
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TABLE I

SIMPLE LOGIT CASE: TAXES EQUAL θ; (mQ�θ)-COVARIANCES ARE EQUALIZED AND HAVE ZERO DEVIATION
FROM MEAN. ALL QUANTITIES ARE PERCENTAGES OF CITY PRE-TAX INCOMES.

Case 1

τ θ −CovQ(mQ�θ)

mQ

PQCity Rural

City 0�03 0�03 −0�01 3.74 4.30 0.53
Rural −0�03 −0�03 −0�01 3.74 4.30 0.47

mean first passage times to the city reflects its greater attractiveness relative to the rural
location.

Case 2. Assume that 50% of agents are urban types with β = {2�45�−0�45}, while the
remainder are rural types with β = {0�2}. Urban types prefer the city, rural types the
countryside on average. The values of β have been selected to generate exactly the same
distribution of agents across choices (0�53�0�47) as in Case 1 at the optimal tax levels
from that case. Thus, given the Pareto weights from Case 1, a policymaker selecting taxes
(0�03�−0�03) and viewing the resulting equilibrium through the lens of a simple logit
model would conclude that they are at an optimum. However, this is not the case. Now,
at the taxes selected in the first example, nearly 80% of city dwellers belong to the first
β type and these agents are strongly attracted to high wage cities. Thus, if higher taxes
are imposed in the city, relatively few agents will leave for the rural location. This permits
the policymaker to undertake far more redistribution. Results for this case are reported
in Table II.

The elevated mean first passage times between city and rural locations in this case rela-
tive to the last capture the reduced substitutability between these places underpinned by
the types that concentrate upon them. Evaluation of the terms in (24) yields very similar
values for θ terms and for the expectation −EQ[CovQ(mQ�θ)] to those obtained in Case 1.
However, the modified mean first passage times imply −CovQ(mQ�θ) terms of 0.08 for
the city and −0.06 for the rural region, reflecting the greater attachment of city and rural
dwellers to, respectively, high and low redistribution value locations. Plugged into (24)
these values yield taxes of 0.09 in the city and −0.11 in the rural area. Recognizing the
strong attachment of most agents to urban or rural locations, the policymaker delivers
consumption close to 0.9 for all agents and almost completely eliminates the urban con-
sumption premium.

TABLE II

MIXED LOGIT CASE: PERSISTENCE IN CHOICE UNDERPINS MORE TAX VARIATION; (mQ�θ)-COVARIANCES
VARY OVER CHOICES INDICATING ENHANCED SUBSTITUTION BETWEEN SIMILAR θ LOCATIONS.

Case 2

τ θ −CovQ(mQ�θ)

mQ

PQCity Rural

City 0�09 0�03 0�08 3.75 7.92 0.53
Rural −0�11 −0�03 −0�06 9.05 4.29 0.47
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TABLE III

SECOND MIXED LOGIT CASE: HETEROGENEITY IN LOCAL URBAN/RURAL PAIR SUBSTITUTION PATTERNS
UNDERPINS TAX VARIATION ACROSS CITIES.

Case 3

τ θ −CovQ(mQ�θ)

mQ

PQPIT PHL Nr PIT Nr PHL

PIT 0�063 0�057 0�007 4.18 5.55 4.08 6.22 0.239
PHL 0�077 0�057 0�020 4.56 4.55 4.94 5.76 0.220
Nr PIT −0�052 −0�048 −0�003 4.16 6.02 3.52 6.46 0.284
Nr PHL −0�068 −0�048 −0�020 5.13 5.66 5.29 3.90 0.257

Case 3. This case shows how heterogeneity in substitution patterns can generate dif-
ferential optimal taxation across identically earning choices. The choice set I now has
four elements: two cities (labeled “PIT” and “PHL”) and two rural regions (labeled “near
PIT” and “near PHL”) that are interpreted as local to one of the cities. As before incomes
in cities equal 1 and in rural locations 0.8. Suppose four β types. The first two types are
selected to have strong attachment to one city, weaker attachment to the other, and some
attachment to the rural location near to the strong attachment city. The other two types
have strong attachment to a rural area and some attachment to the local city. To introduce
asymmetry across cities, types are selected so that local urban/rural attraction is stronger
for PIT than for PHL. The results are reported in Table III. As before, the policymaker
redistributes from those in cities to those in rural locations. But now the mean first pas-
sage times reflect the relatively greater attachment of those in PIT and near PIT to one
another versus those in PHL and near PHL. This translates into a smaller covariance
between mean first passage times and redistribution values, and hence, a smaller tax in
PIT than PHL even though incomes and redistribution values are identical in the two
places. Similarly, those in the rural vicinity of PIT receive a lower subsidy than those in
the vicinity of PHL.

5. OPTIMAL TAX EQUATIONS FOR STRUCTURED ENVIRONMENTS

In this section, we place additional structure on payoffs and choices and derive further
properties of taxes. In particular, we identify situations in which a regression of optimal
taxes on incomes yields a positive coefficient and obtain bounds for that coefficient. We
also identify situations in which optimal taxes are monotone or convex in income. Deriva-
tions in the previous section relied on the “inversion” of I − Q in (20). In this section,
we pursue an alternative path to elucidating the structure of optimal taxes that breaks
open and inverts the redistribution vector θ component of tax equations. In exchange for
a separable mixed logit assumption, this approach connects optimal tax variation across
choices more tightly to income variation.

Assuming a separable mixed logit u(q� i�β) = u0(q(i)) + u1(i�β), with u0 increasing,
strictly concave and twice differentiable, substituting the θ definition (18) into (20) and
rearranging gives the optimal tax recursion:

τ = ∂F (P)
∂p

− C
(
λ

ϒ
+ ∂F (P)

∂p
−Qτ

)
� (25)
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with C : RI
+ → R

I
+ defined implicitly and componentwise by C(r)(i) + 1

∂u0(C(r)(i))/∂c = r(i)
for r ={r(i)}∈ R

I
+. The function C is increasing with partial derivatives:

C ′(r)(i) = 1

1 − ∂2u0

(
C(r)(i)

)
∂c2

/(
∂u0

(
C(r)(i)

)
∂c

)2 ∈ (0�1)� (26)

Together equations (25) and (26) imply that taxes are higher where pre-tax incomes are
higher, Pareto weights are lower, and agents are more likely to substitute to high tax
choices.

Simple Logit. We first use (25), the fact that Q = P , and the policymaker’s budget
constraint to characterize optimal taxes in the benchmark simple logit.

PROPOSITION 6: Assume a simple logit model with u(c� i) = u0(c) + u1(i) and u0 in-
creasing, concave, and twice differentiable. Given a utilitarian objective, optimal taxes are an
increasing function of pre-tax income:

τ = T
(
∂F (P)
∂p

)
� where: T (w) =w− C

(
1
ϒ

+w−Ge
)
� (27)

T is convex and optimal income taxes are progressive if and only if 1/∂u0
∂c

is convex. Specif-
ically, if u0(c) = ac

1−σ
1−σ and σ > 1, then optimal income taxes are progressive. If u0 = a log,

then they are affine with marginal income tax rate 1
1+a .

PROOF: See Online Appendix A.4. Q.E.D.

It follows from Proposition 6 that in the simple logit case (with utilitarian social pref-
erences) taxes depend only on and are increasing in current income. Moreover, income
tax progressivity is entirely determined by u0 and attitudes toward after-tax income. Thus,
an applied modeler who selects such a specification is a priori restricting themselves to
an environment that delivers these properties. This result holds independently of the pro-
duction structure or of the direct dependence of u1, and hence, preferences, on i. It again
relies on the fact that under simple logit the pattern of dispersal of agents across alter-
native choices following a decrease in after-tax income at a given choice i is independent
of i.

Log-in-Consumption Utility. The previous simple logit case restricted Q, but left u0

unrestricted. We now reverse this and allow for general Q, but restrict u0 to be log-
in-consumption: u(q� i�β) = a logq(i) + u1(i�β). Such log restrictions are commonly
made in applied work. In this case, C(r) = a

1+a and substitution into (25) gives τ =
1

1+a
∂F (P)
∂p

− a
1+a

λ
ϒ

+ a
1+aQτ. Unfolding this recursion, assuming a utilitarian policymaker

and substituting for ϒ yields

τ =�w+Ge� with: = 1
1 + a

∞∑
n=0

(
a

1 + a
)n

Qn� (28)
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and where �w = (I − P) ∂F
∂p

gives the vector of pre-tax income deviations from mean.22

Equation (28) relates optimal taxes to equilibrium income variation and substitution pat-
terns and, in particular, implies that taxes are higher on choices that have high income
deviations and are behaviorally well connected to other high income deviation choices at
the optimum (with such connection now defined by ). It permits sharp characterizations
of optimal taxes in some cases.

LOCKED AND FLOATING EXAMPLE: Consider an economy in which there are I
“locked-in” types and one “floating” type. The ith locked-in type has a utility function
that attaches arbitrarily large payoff to the corresponding choice i. This sticky type never
leaves i and there is mass ψP(i) of these types, with 0<ψ< 1. The floating type has mass
1 −ψ and distributes over choices according to P . The economy has substitution matrix
Q=ψI+ (1 −ψ)P . Since P�w= 0, it is immediate that Q�w=ψ�w. Thus, a util reduc-
tion at any i induces substitution behavior that shifts the income deviation from mean of
agents at i from �w(i) to a conditional expected income deviation from mean of ψ�w(i).
Conditional expected income deviations from mean are, thus, uniformly compressed to-
ward zero by payoff reductions and this uniform compression underpins linear taxation in
�w. Substitution for Q in (28) yields: τ = 1

1+a(1−ψ)�w+Ge, and hence, a marginal income
tax of 1

1+a(1−ψ) . This marginal income tax is increasing in ψ reflecting greater redistribution
when choice is more persistent and less elastic.

NODAL CHOICE EXAMPLE: In the leading example of Saez (2002), unemployment acts
a nodal state: agents can substitute between unemployment (the node) and positive earn-
ing occupations, but not between different occupations. Analogously, suppose there is a
“nodal” choice 0 ∈ I such thatQ(i� j) = 0 unless i or j equal 0.23 In this case, (28) reduces
to, for i= 1� � � � � I,

τ(i) = τ(0) + 1
1 + aQ(i�0)

{
∂F (P)(i)
∂p

−
∑
j∈I
b(j)

∂F (P)(j)
∂p

}
� (29)

where b(0) = 1

1+∑
k �=0

aQ(0�k)
1+aQ(k�0)

and for j �= 0, b(j) =
aQ(0�j)

1+aQ(j�0)

1+∑
k �=0

aQ(0�k)
1+aQ(k�0)

. Thus, taxes relative to

those at the nodal choice increase with earnings. Nonlinearities in this relationship are
introduced by variations in Q(i�0) and the extent to which choices are behaviorally con-
nected with the nodal choice. Optimal taxes at i are below those at the nodal choice if
earnings at i, ∂F (P)(i)

∂p
, are below mean earnings

∑
j∈I b(j) ∂F (P)(j)

∂p
, where the latter mean is

computed using behavioral connectivity weights b. In particular, if the nodal choice is be-
haviorally well connected with higher earnings choices, then this mean will be larger and
taxes at low earning choices will be below those at the nodal choice. This type of result
emerges in Saez (2002), where (the nodal choice) unemployment is better connected to

22That is, �w(i) = ∂F (P)
∂p

(i) − E[ ∂F (P)
∂p

], where the expectation is with respect to P . With general Pareto

weighting λ, (28) holds, but with elements of �w redefined as �w(i) = ∂F (P)
∂p

(i) − E[ ∂F (P)
∂p

] + (1 −
λ(i)){E[ ∂F (P)

∂p
] −G}.

23Our underlying mixed logit model is one in which all choices are selected with positive probability. Thus,
this example should be seen as a limiting case of a model in which there are very small probabilities of substi-
tuting between nonnodal choices.
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higher earning choices than are low earning occupation choices and taxes on the former
are correspondingly higher.

The locked and floating example above is a particular case in which �w is an eigen-
vector of Q (with eigenvalue ψ). Whenever this situation arises, the substitution behavior
encoded in Q will imply uniform compression of income deviations �w to zero and (with
log-in-consumption utility) an optimal marginal income tax rate 1

1+a(1−ψ) . We formalize
this result in Online Appendix A,24 where we give other economic examples in which �w
is an eigenvector ofQ and optimal affine income taxes emerge. This situation is, however,
more likely the exception than the rule. In general, variation in substitution behavior at
different choices implies nonuniform variation in the speed with which income deviations
converge to zero, and hence, departures from affine income taxes. However, even in these
cases the eigenstructure of the substitution matrix Q can be used to bound the coefficient
from a regression of (optimal) taxes on income. This coefficient gives the slope of the
“affine component” of optimal taxes (with respect to income) and is a useful measure of
the overall redistributiveness of the tax code. Proposition 7 shows that this coefficient is
always positive and has a lower bound closer to one the more persistent is choice and the
closer the diagonal elements of Q are to one.

PROPOSITION 7: Let ρ be the coefficient on pre-tax income from a population regression of
optimal taxes onto a constant and pre-tax income. Then 0< 1

1+2a(1−mini∈I Q(i�i)) ≤ 1
1+a(1−ψmin) ≤

ρ≤ 1
1+a(1−ψsmax) , where ψmin and ψsmax are, respectively, the smallest and second largest eigen-

value of Q.

PROOF: See Online Appendix A.4. Q.E.D.

Separable Mixed Logit. We now depart from the log-in-consumption case and return to
(25). This departure introduces nonlinearity into reciprocals of marginal utilities (i.e., the
prices of goods in terms of utils), and hence, into the relationship between redistribution
vector elements and after-tax incomes. This in turn introduces additional nonlinearity into
the relationship between optimal taxes and incomes. However, in the presence of income
effects and strict concavity of u0, the recursion defined by (25) inherits a contraction-like
property from the dependence of marginal utilities, and hence, redistribution values on
after-tax incomes. This permits characterization of tax designs in separable mixed logit
settings without log utility.

LEMMA 3: Assume a separable mixed logit model with u(c� i�β) = u0(c) + u1(i�β) and
u0 increasing, strictly concave, twice differentiable and with the slope of: 1

∂u0/∂c
bounded below

by 1
a
> 0. Let τ be an optimal tax function at Pareto weights λ, with corresponding equilibrium

pre-tax incomes ∂F (P)
∂p

, substitution matrix Q, and multiplier ϒ. Define the operator A : RI →
R
I by

A(t) = ∂F (P)
∂p

− C̃
(
λ

ϒ
+ ∂F (P)

∂p
−Qt

)
� (30)

where: C̃(x) := C(max(0�x)) +C ′(max(0�x)) min(0�x). Then A is a contraction on R
I with

modulus a
1+a and τ is the unique solution to t =A(t).

24Note that this result encompasses simple logit with log preferences in which case ψ= 0.
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PROOF: See Online Appendix A.4. Q.E.D.

REMARK 1: The lemma addresses two technical details. First, C is defined only on R
I
+.

To ensure that the map A is defined on all of R
I (including at tax vectors τ implying

negative consumptions at some choices), the extension C̃ of C onto all of RI is used in
(30). Second, to ensure that the slope of each C(r)(i), and hence, A has modulus less than
one, we require that the slope of 1

∂u0/∂c
is uniformly bounded from zero. This assumption

is satisfied by many utility functions or by slight perturbations of them. The assumption
implies that redistribution values are strictly increasing.

In the remainder of this section, we leverage Lemma 3 to relate properties of Q to
those of τ at an optimum. We then describe conditions on utilities that deliver relevant
properties of Q globally (i.e., at all tax policies), and hence, at the optimum. We begin
by placing an order on the choice set I and seeking conditions that ensure monotonicity
of taxes in this ordering. For concreteness, suppose that I is a collection of points in R

n

with each component of i={im}nm=1 indexing the quantity of a particular choice attribute.
For example, i could be a vector of hours worked by family members with im the amount
worked by household memberm or i could be a pair of elements indicating an occupation
and a (discrete) hours choice. Assume that I inherits the usual partial order from R

n25 and
define a set J ⊂ I to be increasing if i′ ∈ I , i ∈J and i′ ≥ i, implies i′ ∈J . The matrix Q
is increasing if i′ ≥ i implies for each increasing J ,

∑
j∈J Q(i′� j) ≥ ∑

j∈J Q(i� j). In other
words, Q is increasing if agents selecting high-valued choices are more likely to regard
other high-valued choices as close substitutes than those selecting low-valued choices.26

If n = 1, Q is increasing if i ≥ i′ implies that Q(i� ·) first order stochastically dominates
Q(i′� ·).

PROPOSITION 8—Monotonicity: Let the conditions of Lemma 3 hold. Let τ be an opti-
mal tax function with corresponding equilibrium pre-tax incomes w = ∂F (P)

∂p
and substitution

matrix Q. If the choice set is partially ordered, w is increasing, and λ nonincreasing in choice,
and Q is increasing, then the optimum is attained by a tax function increasing in choice. If
I ⊂R, then the optimum is attained by an increasing income tax function.

PROOF: See Online Appendix A.4. Q.E.D.

The intuition behind Proposition 8 is straightforward. Increasingness of pre-tax income
in choice in combination with strict concavity of utility and nonincreasingness of Pareto
weights creates an underlying redistributive motive to place higher taxes on higher and
higher earning choices. Under the circumstances of Proposition 8, this motive is rein-
forced by monotone substitution behavior: Agents in high (earning) choices are more
likely to substitute into other high (earning) choices. Lemma 4 establishes that increas-
ingness of Q is ensured by a supermodularity property on u1.

LEMMA 4: Assume that I ⊂ R is totally ordered, B = [β�β) and that u1 is supermodular
in (i�β), then in any equilibrium and, in particular, at the optimumQ is increasing. Further, in

25That is, for i′ ={i′m}nm=1 and i={im}nm=1 in I , if each i′m ≥ im, then i′ ≥ i.
26This property coincides with the monotonicity property of Markov transitions adopted by Stokey, Lucas,

and Prescott (1989) and stochastic increasingness in Topkis (2011). It has been variously applied to stochastic
dynamic programming problems and stochastic games to ensure monotonicity of value functions.
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combination with the assumptions of Proposition 8, the optimum is attained by an increasing
income tax function.

PROOF: See Online Appendix A.4. Q.E.D.

The assumption of Lemma 4 is standard in Mirrleesian optimal income tax and many
contracting problems. In particular, if u1 is twice differentiable on R+ × B, supermod-
ularity amounts to assuming that ∂2u1

∂i∂β
> 0, which is satisfied by, for example, − (i/β)1+γ

1+γ .
In Online Appendix A.5, we describe a “fuzzy Mirrlees model” in which an underlying
Mirrleesian preference structure satisfying the conditions of Lemma 4 is augmented with
Gumbel shocks. The latter imply that while higher β types tend to cluster on higher (in-
come) choices, there is dispersion of them across other choices and not all substitution
behavior is local. Nonetheless, consistent with Lemma 4 optimal taxes are monotone.27

We next consider assumptions that refine those in Proposition 8 and imply optimal
progressive income taxation. The additional condition is a convexity requirement on Q.
Suppose that I is totally ordered and define the conditional survival functions implied by
Q according to SQ(i� j) = ∑I

k=j Q(i�k). We say that Q is convex if for each i = 2� � � � � I
and j = 1� � � � � I, �SQ(i� j) = SQ(i� j) − SQ(i − 1� j) is increasing in i. This is the discrete
analogue of the requirement that the survival functions associated with Q are convex in
their conditioning argument. It implies that increases in i not only raise the probability
of substitution into higher ordered choices (as under increasingness), but do so at an
increasing rate.

PROPOSITION 9—Convexity: Let the conditions of Proposition 8 hold. Let τ be an opti-
mal tax function of a utilitarian policymaker with corresponding equilibrium pre-tax incomes
w = ∂F (P)

∂p
and substitution matrix Q. If I ⊂ R and is totally ordered, w is linearly increasing

in i, 1/∂u0
∂c

is convex, and Q is increasing and convex, then the optimum is attained by an
income tax function that is increasing and convex in income.

PROOF: See Online Appendix A.4. Q.E.D.

The following lemma establishes conditions on u1 that imply convexity ofQ and, hence,
with the other conditions of Proposition 9, convexity of taxes in income.

LEMMA 5: If, in addition to the conditions on u1 in Lemma 4, ∂u1(i�β)
∂i

< 0 and ∂2u1(i�β)
∂i2

+
( ∂u1(i�β)

∂i
)2 is increasing in β, then Q is convex. In combination with the other assumptions of

Proposition 8, then the optimum is attained by a convex and increasing income tax function.

PROOF: See Online Appendix A.4. Q.E.D.

The requirement in the previous lemma that ∂u1(i�β)
∂i

< 0 is met in many applications in

which i is income or effort. The additional requirement ∂2u1(i�β)
∂i2

+ ( ∂u1(i�β)
∂i

)2 ensures that
higher β types cluster on higher ranked choices at a faster rate. It holds if, for example,
u1(i�β) = 1

β
log(κ− i), with κ > I and β> 2. In Online Appendix A, we give an example

of a “fuzzy Mirrlees” model with convex optimal taxes.

27In Online Appendix A, we prove generalizations of Lemma 4 that relax the totally ordered requirement
on I .
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6. CONNECTING MIXED LOGIT BEHAVIORAL RESPONSES TO DATA

Quantitative evaluation of the optimality of tax systems using expressions (23) or (25)
requires estimates of the corresponding substitution matrix Q and vector of conditional
marginal utility reciprocals 1

E[∂u/∂c] . This is complicated by the fact that Q is a potentially
high-dimensional object describing adjustment to utility variation along many margins.
In this section, we provide results on the identification and estimation of Q, marginal
utility parameters, and other deep structural parameters. Each of these results exploits
the model-implied connection between preference shock induced choice transitions and
substitution in response to tax or income variation.28 First, we show that, under the as-
sumption of a repeated separable mixed logit model, Q is nonparametrically identified
and recoverable from equilibrium transition data. Combined with marginal utilities, es-
timates of Q permit construction of the entire matrix of choice distribution sensitivities
at an equilibrium, and hence, evaluation of an existing tax system. If utilities are given by
a logq(i) + u1(i�β), then marginal utilities (of after-tax income) are parameterized by a
and estimates of the matrix of choice distribution sensitivities may be built from those of
a and Q. We show in the Appendix in the Online Supplementary Material that estimates
of a may be recovered from data on the impact of after-tax income variation on choice
shares at a potentially limited number of choices. Full structural approaches to modeling
and estimating agent choice place low-dimensional parametric restrictions on u and m.
Estimates of these parameters may be used to construct the entire choice distribution
map P(q) and its sensitivities, and hence, evaluate these sensitivities at counterfactual
allocations and undertake optimal tax analysis at fixed Pareto weights using (23) or (25).
Our second result describes how transition data provides an extra set of moments that
can be used to discipline such parametric estimates.

We then describe an extension of our baseline framework that permits better contact
between the framework and data while preserving the underlying tax theory. This ex-
tension supposes Gumbel preference shocks that persist and that are updated randomly
and asynchronously across agents. Our baseline repeated mixed logit attributes persistent
choice by a population of agents to the existence of (unobserved permanent) mixing types
that favor particular choices and are rarely deflected by Gumbel shocks to alternatives.
In such cases, substitutability in response to small tax-induced payoff variation is low. An
alternative rationale for persistence is that Gumbel shocks describing modified circum-
stances or preferences are updated with low frequency and asynchronously. In this case,
agents rarely move not because their behavior is insensitive to payoff variation, but be-
cause their payoffs rarely change. Incorporating such sticky payoffs and correspondingly
sticky choices into the mixed logit structure does not modify the optimal tax theory pre-
viously developed, but does alter its connection to the data. Our extension describes how
transition data and short three period panels can be used to identify Q in this case.29

28A large literature exists that identifies and estimates static structural mixed logit models using choice
distribution data; see, for example, Berry, Levinsohn, and Pakes (1995). Another literature uses panel data to
estimate structural dynamic mixed logit models; see Arcidiacono and Miller (2011). The procedures described
here supplement the methods developed in these papers and are directed toward moments relevant for tax
analysis.

29Costs of choice adjustment may also shape optimal policy and impact measured flows of agents. In an
Appendix, following an approach of Chetty (2012), we discuss using bounds on costs of choice adjustment to
obtain bounds on choice distribution sensitivities obtained from transition data.
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6.1. Identification of Separable Mixed Logit Parameters

Nonparametric Identification of Q at an Equilibrium. Consider a repeated version of
the one shot separable mixed logit choice environment considered previously. Agents face
a time invariant after-tax income function q, draw a permanent β type at the beginning of
their lives, and a fresh ε type in each period. They face no costs of choice adjustment. An
agent’s current payoff is then independent of past choices and its problem reduces to a re-
peated static one of the form (1). In this repeated economy, agents migrate across choices
when they draw new Gumbel shock vectors that alter their optimal choice. Because differ-
ent choices i tend to attract different β-agent populations (who visit alternative choices
with different probabilities), this repeated model gives rise to a Markov matrix describ-
ing observed transitions between choices. This Markov matrix is exactly the substitution
matrix Q defined in (14). It follows that in this case Q is identified by observable choice
transitions. The proof of Proposition 10 formalizes the argument.

PROPOSITION 10: Let Q̂ denote the transition matrix of agents across choices, with Q̂(i� j)
the fraction of agents that move from i to j in a period. In a repeated separable mixed logit
choice environment, Q̂ equals the substitution matrix Q.

PROOF: See Online Appendix A.6. Q.E.D.

Underlying this tight nonparametric identification is the simple idea that transition data
speak to the relative attachment of populations to their respective choices. Intuitively,
high steady-state transition rates between two choices indicate that many agents selecting
one regard the other as a close substitute. In particular, in our model if payoffs at i and j
net of the Gumbel shock are close for many of the β-types selecting these choices, then
Gumbel shock redraws are more likely to reverse their preference ranking and induce flow
from one to the other. Hence, closeness of payoffs net of Gumbel shocks is associated with
high transition rates. On the other hand, such closeness implies that a small tax-induced
utility change at either i or j is likely to induce many agents to switch choices. Proposition
10 formalizes this intuition.

The separable mixed logit model places some structure on the substitution, and hence,
the transition matrix. In particular (see Proposition 2), it implies thatQ is the transition of
a reversible Markov chain, and hence, is such that for all i and j, P(i)Q(i� j) = P(j)Q(j� i).
Trendelkamp-Schroer, Wu, Paul, and Noe (2015) describe maximum likelihood estima-
tors for reversible Markov chains that are applicable to raw transition data. These may
be used to recover an estimate of Q that satisfies reversibility.30 To build the matrix of
choice distribution sensitivities, estimates of marginal utilities (of after-tax income) are
also required. If utilities are given by a logq(i) +u1(i�β), then these marginal utilities are
parameterized by a. We show in the Appendix that estimates of a may be recovered from
data on the impact of after-tax income variation on choice shares at a potentially limited
number of choices.

Disciplining Structural Estimates With Transition Data. Building the map from q to P
and its sensitivities away from a prevailing equilibrium requires a structural estimation or
calibration of the model. The connection between transition data and choice probabilities

30Goodness-of-fit tests for fitted Markov chain models that can be used to evaluate the reversibility restric-
tion are detailed in Besag and Mondal (2013).
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may be used to supply additional moments that can assist in this exercise. The standard
approach (see Berry, Levinsohn, and Pakes (1995)) to estimating the preference param-
eters of an equilibrium mixed logit model proceeds as follows. First, a utility of the form
β
x(j) + ξ(j) + ε(j) is posited, where x(j) is a vector of observable choice attributes
associated with the jth choice, β is a corresponding vector of preference types with 
 a
transpose, and ξ(j) is an unobserved amenity value common to those selecting j. Included
in x is a function of pre-tax income, for example, logq(j). Agent types have the form
β= β0 + ν, with ν distributed according to a mean zero density m(ν|φ) with parameter
φ. A separable mixed logit model is obtained by assuming the density over the β compo-
nent associated with q is degenerate. Let i0 denote a reference choice, I0 = I\{i0} the set
of remaining choices, and �u(j) = β0�x(j) +�ξ(j) the mean utility available at choice j
relative to the reference choice, with �x(j) = x(j) − x(i0) and �ξ(j) = ξ(j) − ξ(i0). The
choice distribution P is related to �u and the density parameter φ via

P(j|�u;φ) =
∫

exp�u(j)+ν
�x(j)

1 +
∑
k∈I0

exp�u(k)+ν
�x(k)
m(ν|φ) dν�

Let �̂u(φ) denote the inverse of P(·;φ) at the empirical choice distribution P̂ . The stan-
dard approach proceeds by recovering �̂u(φ) and then solving

min
β0�φ

1
I − 1

∑
i∈I0

{
�̂u(φ)(i) −β
�x(i)

}
zm(i)� (31)

for instruments {zm}Mm=1 satisfying E[�ξzm] = 0. The standard approach does not utilize
transition data. However, the repeated mixed logit model implies, in addition, that flows
between choices satisfy

Q̂(i� j|�u;φ) = 1
P(i|q)

∫
exp�u(i)+ν
�x(i)

1 +
∑
k∈I0

exp�u(k)+ν
�x(k)

exp�u(j)+ν
�x(j)

1 +
∑
k∈I0

exp�u(k)+ν
�x(k)
m(ν|φ) dν�

(32)
with Q̂ also equaling the substitution matrix in the separable mixed logit case. Equation
(32) supplies an additional set of moment conditions that may be used to supplement the
moment conditions (31) and further discipline the parameter estimates (β0�φ). In Online
Appendix C, we describe how to integrate these additional moments into the estimation
procedure in the context of particular applications. These moments assist in identifying
structural parameters by revealing choices, and hence, observable choice attributes whose
valuations are highly correlated across agents in the data.31

6.2. Sticky Choice

We now describe a sticky choice extension of our baseline framework.

31For example, suppose that two choices i and j have large mutual transition flows. This indicates that agents
regard i and j as close substitutes and that β types that attach large values to x(i) are highly correlated with
those that attach high values to x(j). Parameters of φ that control this correlation will be elevated.
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Sticky Shocks and Sticky Choice. In the repeated mixed logit model, agents redraw
Gumbel shocks each period. Suppose instead that redraw events arrive according to a
discrete time Poisson process, and thus, Gumbel shock draws and the circumstances they
describe persist and are updated asynchronously across agents. This formulation modifies
the relationship between transition data and the substitution matrix, and hence, the con-
nection of the theory to the data, but keeps the individual decision problem static (albeit
over periods of random length) and does not disrupt the stationary choice distribution
sensitivity or optimal tax formulas derived previously.32 Let d denote the probability that
agents draw a new set of Gumbel preference shocks ε ∈R

I in a period. As before, β types
are permanent. Assuming a separable mixed logit structure and a utility discount factor
of ρ, agent lifetime payoffs evolve according to

V (β�ε) = max
I
u0

(
q(i)

) + u1(i�β) + ε(i) + ρ(1 − d)V (β�ε) + ρdE[
V

(
β�ε′)]�

with the expectation over the future Gumbel shock ε′. The agent’s choice problem re-
mains a static one with each agent repeatedly selecting the same activity until they draw
a new preference shock. The (stationary) choice distribution is given by (2), choice sen-
sitivities by (15), and the substitution matrix by (14). Expressions for the marginal excess
burden and optimal tax equations evaluated at stationary choice distributions are un-
changed. Now, however, the transition matrix of agents across choices no longer equals
the substitution matrix Q. Instead it is given by

Q̂(i� j|q) = (1 − d)I(i� j) + dQ(i� j|q)� (33)

If short panel data is available, then d can be explicitly identified and estimated. The next
lemma describes how.

LEMMA 6: For a triple of choices (i� j�k), let Q̂(i� j�k|q) denote the probability that an
agent in i transitions to j and then to k given q. We have that for each pair of choices (i� j):

1 − d = Q̂(i� i� j|q) − Q̂(i� j� i|q)

Q̂(i� j|q)
� (34)

PROOF: See Online Appendix A.6. Q.E.D.

Both paths (i� i� j) and (i� j� i) involve agents starting in i and spending subsequent
periods in i and j. However, they differ in the timing of the visit to j: (i� i� j) involves
remaining in i and then visiting j, while (i� j� i) visiting j and then returning to i. Since
the (i� j� i) path involves two transitions, it must also involve a drawing of Gumbel shocks
in each successive period. In contrast, the (i� i� j) path may have involved two draws with
the first leaving i still optimal, but it may also have occurred via no redraw followed by a
draw that renders j optimal. This second possibility elevates the probability of the (i� i� j)
path and permits identification of 1 − d. Once d has been estimated from panel data via
construction of the empirical counterparts to the moments in (34), the substitution matrix
may be disentangled from Q̂ using (33).

32The model is formally equivalent to a “Calvo” model of discrete choice in which agents redraw Gumbel
shocks in every period, but can only reoptimize with some probability. In this framework, an agent able to
reoptimize places more weight on the flow utilities u0(q(i)) + u1(i�β), which it knows will persist, relative to
the Gumbel shock. However, this additional weight can be absorbed into redefined flow utilities generating an
equivalent steady-state problem for the agent.
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7. QUANTITATIVE APPLICATIONS

This section provides two illustrative applications of the mixed logit framework to tax
design problems. The applications highlight the framework’s flexibility and potential to
consider granular tax designs that reach beneath income and attach taxes to income-
generating choice. Our first application analyzes the structure of optimal place-based tax
policy in the United States. Our second considers the optimal taxation of couples.

7.1. Optimal Place-Based Taxation

We model agents as selecting a location to live and work given their assessment of lo-
cation specific after-tax incomes and amenities. The U.S. Census provides information by
county on the fraction of people living in an urban environment. We classify a county as
urban if 70% of its inhabitants are classified as urban and as rural otherwise. We com-
bine urban counties within a state into one location and rural counties into another. All
counties in Maine are classified as rural, while the District of Columbia is classified as
a fully urban area. We identify the choice set I with the resulting collection of 100 U.S.
urban and rural locations. The policymaker selects location-specific taxes. This applica-
tion is a natural candidate for our flexible mixed logit approach since it involves a large
unstructured discrete choice set with no clear a priori reason to favor one preference dis-
tribution over another. Recent work on optimal taxation in spatial settings has been done
by Fajgelbaum and Gaubert (2020) and Colas and Hutchinson (2021), who build on the
location choice model of Diamond (2016). Relative to these papers we simplify the pro-
duction side of the economy, but enrich the preference side by considering a rich mixed
logit structure.

Recovering the Substitution Matrix. Our initial step is recovery of the substitution ma-
trix Q from transition data. We first utilize the procedure of Trendelkamp-Schroer et al.
(2015) and fit a reversible Markov chain Q̂ to IRS location-to-location migration data
counts for the years 2017 and 2018.33 Both the raw count data and the fitted reversible
chain exhibit significant persistence. To disentangle persistence due to preference attach-
ment from that due to inertia and stickiness in circumstances, we assume the data is gen-
erated by the sticky choice model described in Section 6. Then Q̂ and Q are related by
Q̂ = (1 − d)I + dQ. To estimate the Poisson arrival rate d of fresh Gumbel shocks, and
hence, recover Q from Q̂, we implement the procedure described in Section 6.2. For this,
we use the short migration panel contained in Survey of Income and Program Participa-
tion (SIPP) data for the years 2013 to 2016. Further details of the estimation procedure
are reported in Online Appendix C. We obtain d = 0�215 (0�034). This value is combined
with the estimate of Q̂ and the expression Q̂ = (1 − d)I + dQ to generate an estimate
of Q.

Analysis of the Substitution Matrix. The estimated Q matrix indicates rich substitu-
tion patterns across locations. Figure 1 illustrates some of these by organizing locations

33As noted previously, a separable mixed logit implies that the substitution matrix and the transition matrix
of agents across choices is described by a reversible Markov chain. Below, we consider the sticky choice model,
in this case reversibility is again inherited by the transition matrix. The fitting of a reversible Markov chain to
the raw data causes only modest adjustment in transition matrix elements. The median elementwise absolute
deviation between the raw count data and fitted chain is about 4.7%.
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FIGURE 1.—Elements of Q greater than 0.01.

into rural and urban blocs and then within each bloc alphabetically ordering locations by
state. Elements of the estimated Q matrix in excess of 0.01 are displayed. Thus, for exam-
ple, displayed elements in row 5 show locations that those in rural California transition
to with probability in excess of 0.01; elements in row 55 do the same for urban Califor-
nia. The figure indicates that larger elements are found on the main diagonal (staying in
place), an upper diagonal (substituting within-state from a rural to an urban location),
and a lower diagonal (substituting within-state from an urban to a rural location). The
lower right-hand quadrant is more densely populated with transitions in excess of 0.01
indicating a higher rate of substitution between urban locations. Interstate rural-to-rural,
rural-to-urban, or urban-to-rural substitution is rarer. The overall pattern of substitution
is inconsistent with a simple logit preference structure, which would imply identical Q
rows and substitution patterns independent of originating location.

Detailed inspection of substitution patterns into and out of particular states reveals fur-
ther complexity. Figure 2 displays the estimated Q’s mean first passage times from urban
areas of states to urban California. The figure indicates that substitutability has a gravity-
like aspect: urban areas further from California tend to have higher mean first passage

FIGURE 2.—Log mean first passage time to urban California from other urban locations.
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times to urban California. This pattern is replicated for other locations: a regression of
log of mean first passage time on log of location-to-location distance (together with a set
of dummy variables for the destination) yields a coefficient on the log-distance equal to
0.329 (0.01).34 However, the relationship between mean first passage times and distance
is imperfect. For example, distant, but relatively high income urban areas in states like
Massachusetts have lower mean first passage times to California than closer, but lower
income urban areas in states like Mississippi or Louisiana. Overall, the Q matrix and
its implied mean first passage times point to complex substitution patterns that can be
accommodated by a mixed logit, but are less obviously captured by simpler preference
structures.

Evaluation of the Current Tax Code. We first use the estimated Q and (19) to evaluate
the Pareto optimality of the U.S. tax code. Assuming that u(q� i�β) = a logq(i) +u1(i�β),
the Pareto inequality (19) holds if

q(i)
a

≥ (I−Q)τ�

Using the estimated Q and the empirical τ, we find that the previous inequality holds for
all states if a ≤ 22. Our subsequent benchmark estimate of a is 4.29. We conclude that
variation in average household taxes across states is consistent with Pareto optimality. We
next turn to (20) and use the estimate of Q to recover redistribution vectors θ that ratio-
nalize observed taxes as optimal. From these, we construct rationalizing Pareto weights by
inverting the definition of θ: λ(i)

ϒ
= q(i)

a
−θ(i), where again u(q� i�β) = a logq(i) +u1(i�β)

is assumed. Figure 3 plots the resulting Pareto weights against values for average house-
hold pre-tax income (with California’s weight normalized to one). The figure reveals a

FIGURE 3.—Relationship between implied Pareto weights and income.

34Distance between a pair of locations is computed by calculating a population weighted aggregate of
county-to-county distances from the location pair.



OPTIMAL TAXATION OF INCOME-GENERATING CHOICE 2427

positive correlation between state-level Pareto weights and average household incomes
(with DC an interesting outlier). This correlation implies that, relative to a utilitarian cri-
terion, the U.S. political process overweights high income states.35 Intuitively, relatively
small transition probabilities mainly to other similarly taxed locations imply moderate tax
revenue sensitivities. These are small enough for a utilitarian policymaker to seek further
spatial redistribution than is supplied by current U.S. taxes. The model reconciles U.S.
taxes with empirical substitution patterns by deducing state level Pareto weights that cor-
relate positively with average state household income and that remove such redistribution
motives.

Structural Mixed Logit and Optimal Taxes. We next evaluate optimal taxes for a fixed
(utilitarian) welfare criterion. Such evaluation requires a structural estimation of the un-
derlying preferences. We assume a random coefficients preference structure:

u(q� i�β) = a log
(
q(i)

) + ξ(i) +
S∑
s=1

βsxs(i)� (35)

where ξ(i) is a common-across-agents preference fixed effect for choice i, xs(i) is the
value of choice characteristic s at i and β = {β1� � � � �βS} is the idiosyncratic marginal
value of these choice characteristics to an agent. Choice characteristics {xs} are identified
with dummies indicating locations, groups of locations, and rural-urban characteristics.
The distribution of β is parametrized by a vector φ. Assuming a utilitarian policymaker
and after substitution for λ/ϒ, (25) implies

τ(i) = 1
1 + aw(i) + 1

1 + a
[
G−E[w]

] + a

1 + a
∑
j∈I
Q(i� j)τ(j)� (36)

Calculation of optimal taxes via (36) requires values forG and w, estimation of the struc-
tural parameters a and φ and joint evaluation ofQ and τ. We identifyG with the average
tax collected (inclusive of federal, state and local taxes) by tax return in 2018 IRS data
and set it to $11�983. We assume that the production function is linear in inputs, treat
incomes {w(i)} as exogenous and identify them with average pre-tax incomes by location
in 2018.36 We obtain estimates of a and φ via the procedure described in Section 6.1.
Our estimated value for a in this case is a = 4�29 (2�75). Further details of the data,
specification, estimation procedure, and calculation of optimal taxes are given in Online
Appendix C.

Results. Figure 4 displays the optimal mixed logit tax code as a scatter plot against
income at the location level (dot). For comparison, the current U.S. tax code is plot-
ted (triangle). The optimal code under the utilitarian objective implies significantly more
redistribution across locations than occurs under the actual U.S. tax code. This result

35Taxes in DC are relatively high, implying a high redistribution vector value and a relatively low Pareto
weight. A case, perhaps, of too much taxation without representation.

36Our approach can be extended to include estimation of richer production structures. However, to the
extent that there are diminishing returns to labor in locations, our estimates will tend to overstate the sensitivity
of locational choice to taxes. In fact, despite this and consistent with results from the preceding section, we find
that this sensitivity is relatively small.
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FIGURE 4.—Tax schedule: optimal versus data. Values in 2018 dollars.

mirrors our earlier observation that to reconcile the optimality of the existing code with
a mixed logit specification requires replacement of utilitarian societal preferences with
less redistributive ones. Table IV summarizes implications of the optimal tax function
for rural/urban redistribution. It implies an increase in the average urban tax liability of
$2503 and a reduction in the average rural tax liability of $7990 relative to empirical val-
ues (in 2018 dollars). The average after-tax urban income premium is reduced from 26%
to 13%.

Recall from Proposition 6 that the combination of log-consumption utility and simple
logit compels optimal taxes to be affine functions of income. The mixed logit structure
relaxes this feature. Figure 5 highlights this by showing deviations of the optimal mixed
logit tax code from a fitted affine code at different locations. Such deviations range from
−$4200 to +$7000 depending on location. Moreover, although average income is an im-
portant driver of tax liability across states, nontrivial variations in taxes can occur between
states with similar levels of income. Consider urban New Hampshire (NH) and Minnesota
(MN) in Figure 5(b). These two locations have roughly the same average pre-tax incomes
of $88,213 and $88,177, but display a difference in tax liability of $1174. Our previously
estimated Q matrix indicates that agents from urban NH tend to regard relatively higher
income urban locations in New England as close substitutes, whereas those from urban
MN regard lower income urban Midwest locations as good alternatives. These patterns
are captured in our estimated correlation matrix for mixing types β and are preserved at
the optimal Q. Feeding the optimal values of τ, θ, and Q for urban NH and MN into (24)

TABLE IV

TAXATION OF RURAL AND URBAN AREAS: DATA VERSUS OPTIMUM.

Data Optimum

Average Urban Tax Liability $13,509 $16,012
Average Rural Tax Liability $6617 −$1373
After Tax Urban Premium 1�26 1�13
Rural Pop (%) 22�1 23�2
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FIGURE 5.—Deviation from affine tax code for U.S. states.

gives

τNH − τMN︸ ︷︷ ︸
$1174

= θNH − θMN︸ ︷︷ ︸
−$265

+{−CovQ(mQ�θ)|NH
MN

}︸ ︷︷ ︸
$1439

�

The greater willingness of urban NH residents to substitute into higher income alter-
natives translates into a lower mean first passage time/redistribution vector covariance. It
implies −CovQ(mQ�θ)|NH

MN := −{CovQ(mQ�θ)NH −CovQ(mQ�θ)MN}= $1439 and is a force
for higher taxes and lower after-tax incomes in NH (dampened and slightly offset by the
difference in redistribution values: θNH − θMN = −$265).

Rural Alaska (AK) and rural Virginia (VA) also have similar pre-tax incomes ($65,559
for AK and $65,333 for VA). However, taxes are $2332 lower in rural AK. The decompo-
sition (24) again attributes this to the differential substitution behavior captured by the
term CovQ(mQ�θ)|AK

VA :

τAK − τVA︸ ︷︷ ︸
$−2332

= θAK − θVA︸ ︷︷ ︸
$506

+{−CovQ(mQ�θ)|AK
VA

}︸ ︷︷ ︸
−$2838

�

Agents that concentrate on urban locations tend to substitute across states and between
cities albeit with a bias for remaining within a larger region. In contrast, those that con-
centrate on rural locations tend to substitute between the rural and urban areas within a
state. Since urban Alaska features a lower pre-tax income ($80,305) than urban Virginia
($89,960) the incentive cost of rural/urban redistribution is mitigated in Alaska and taxes
on rural Alaskans are moderated.

7.2. Optimal Place-Based Taxation by Educational Group

The preceding analysis abstracts from within-location income heterogeneity. In this sec-
tion, we compute optimal spatial taxes for different educational groups whose different
earnings contribute to such heterogeneity.

Following Diamond (2016), we subdivide the population into two educational groups,
categorizing individuals as low educational attainment if they have a high school degree
or less and high educational attainment if they have at least some college education. We
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FIGURE 6.—Deviation of optimal taxes from affine code conditioning on education levels.

utilize cross-state migration rates by education provided by the U.S. Census for the years
2007 to 2011 to construct Q. This requires us to redefine choices as states rather than
urban or rural locations within states. We complement this data with income and imputed
taxes from the March CPS of the same years.37 Interstate migration patterns differ by
educational attainment. In particular, more educated individuals are more mobile: 89%
of high educational attainment agents remain in place from one year to the next compared
with 93% of low educational attainment agents. Given this, and proceeding as before, we
estimate a separate set of locational preferences for each educational group. We set per
capita, education-specific government tax liabilities equal to their corresponding values
in the data:G= $2530 for the low education group andG= $7059 for the high education
group. Thus, the tax reform we recover is optimal across locations for each educational
group conditional on these education-specific funding requirements.38

Optimal spatial tax schedules for different educational groups retain the broad shape
of the optimal schedule from the more aggregated baseline case, though with differ-
ent education-specific intercepts. However, the greater mobility of more highly educated
workers across locations translates into less spatial redistribution within this group: A re-
gression of taxes on pre-tax income returns slopes of 0.64 and 0.78, respectively, for high
and low education workers, with the difference being statistically significant. In addition,
as shown in Figure 6, the tax schedule for more highly educated workers is more dispersed
around an affine component. Consider Vermont (VT) and Alabama (AL). Applying (24)

37As taxes are imputed at household level„ we maintain in our sample individuals for which the family
adjusted gross income is within 80 to 120% of the reported labor income for the individual.

38Variation in government funding requirements across educational groups could reflect different redis-
tributive objectives tempered by a desire not to distort the education choice margin. In Online Appendix B, we
describe a mixed logit policy environment in which agents select both a location and an education level. In this
setting, the associated tax policy problem can be decomposed into an outer problem in which the policymaker
selects transfers of resources between populations choosing different educational levels and a family of inner
problems in which education-specific spatial tax functions are chosen subject to funding the tax liabilities ob-
tained from the outer problem. We focus in this section on (inner) problems in which spatial tax functions are
selected for specific educational groups subject to exogenous, education-specific government funding require-
ments. We interpret the latter as emerging from an outer problem in which redistribution across educational
groups occurs.



OPTIMAL TAXATION OF INCOME-GENERATING CHOICE 2431

FIGURE 7.—Q implied by CPS transition data. Labels H, M, L denote full-, part- and no time labor supply
for the husband and wife, respectively. Rows ordered by total household income.

to high education workers gives

High Education: τVT − τAL︸ ︷︷ ︸
$2800

= θVT − θAL︸ ︷︷ ︸
−$542

+{−CovQ(mQ�θ)|VT
AL

}︸ ︷︷ ︸
$3342

�

More highly educated workers in VT regard relatively higher income states in New Eng-
land and the Mid Atlantic as close substitutes, those in AL tend to regard lower income
states in the south as good alternatives. This delivers the positive differential covariance
term for the more highly educated group. These effects are present for less educated
workers, but more muted. For these workers, −CovQ(mQ�θ)|VT

AL = 1630 indicating less
variation in income across the sets of states considered close substitutes to VT and AL,
respectively.

7.3. Optimal Taxation of Couples’ Labor Supply

The labor supply of a couple each of whose members can work no time (L), part-time
(M), or full-time work (H) provides a second natural example of a discrete income-
generating choice.39 Following Hoynes (1996), we identify I with the resulting set of
9 possible couples’ hour combinations. Under the assumption of a repeated separable
mixed logit, a reversible Markov chain fitted to the transition matrix of agents across
hours choices provides an empirical proxy for the substitution matrix Q. We use the CPS
from 2010 to 2019 to generate the transition matrix and fit a reversible Markov chain.
Figure 7 displays the results. The figure indicates variation in the rows of Q and, in par-
ticular, persistence of choices. As for the spatial case, this pattern is inconsistent with
a repeated simple logit model, which would imply distributions of hourly choices inde-
pendent of the previous choice. It provides prima facie evidence for a repeated mixed
logit in which some mixing types are strongly attracted to particular hours combinations.

39See Blundell and MaCurdy (1999) and references therein for description of past work on labor supply in
a discrete choice framework. This section builds on the analysis of multiearner households in Hoynes (1996).
Prior work on optimal taxation of couples’ income has been done by Kleven, Kreiner, and Saez (2009) and, in
a discrete setting, by Laroque and Pavoni (2017).
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The estimated Q reveals further interesting and tax design relevant labor supply substi-
tution patterns. For example, choice persistence is weakest for hours combinations in-
volving part-time work (M). This implies greater willingness of part-time workers to sub-
stitute into other hours options following a part-time payoff reduction and, correspond-
ing, less willingness of full- or no time workers to substitute following a payoff reduc-
tion.

As in the spatial application, optimal tax analysis requires a structural estimation of
preference parameters. We adopt the preference specification (35) and identify the choice
characteristics {xs} with dummy variables indicating whether a choice involves full-, part-,
or no time work by each spouse. The distribution of β preference types is assumed to be
a multivariate normal N(0��). We evaluate optimal taxes via (36) with G set equal to
$21�652 (in 2010 dollars) and w to the average wage and salary income earned by couples
at each hours combination. The parameter a is estimated to be 5�06 (1�69). Further details
of the data, estimation procedure, and calculation of optimal taxes are given in Online
Appendix C.

Results. Figure 8(a) displays optimal taxes for this case. Optimal taxes are approxi-
mately monotone in pre-tax income, with a tax/income regression coefficient of 0.701.
In contrast to a log/simple logit specification, which imposes an exact affine form, here
taxes at particular hours combinations deviate around an affine component. These devi-
ations, shown in Figure 8(b), are modest, but nontrivial. They imply tax-variation around
the affine form of between about −$3000 and $2000. We interpret these results through
the lens of our theory. With one (small) exception for the pair (M/M), (L/H) the code is
monotone in income. Proposition 8 implies that such monotonicity emerges if Q is mono-
tone when choices are ordered by income. Recall that this requires for each i′ ≥ i and
increasing set J that

∑
j∈J Q(i′� j) ≥ ∑

j∈J Q(i� j). We find that this inequality holds for
651 out of 684 (i� i′�J ) combinations in our example. Thus, in most cases couples who
choose higher income hours combinations are also more likely to substitute into other
higher income combinations. This pattern, in combination with marginal social welfare
weights that decline with income, underpins the near monotonicity of optimal taxes in
income. Proposition 7 supplies bounds for the population regression coefficient of taxes

FIGURE 8.—Optimal taxes.
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on incomes. In the current example, these bounds are

0<
1

1 + 2a
(

1 − min
i∈I

Q(i� i)
)

︸ ︷︷ ︸
0�14

≤ 1
1 + a(1 −ψmin)︸ ︷︷ ︸

0�243

≤ ρ︸︷︷︸
0�701

≤ 1
1 + a(1 −ψsmax)︸ ︷︷ ︸

0�702

�

where ψmin = 0�385 and ψsmax = 0�916 are the smallest and second largest eigenvalues of
the optimal Q matrix. The coefficient ρ is very close to the upper bound. Relatedly, the
vector �w of deviation-from-mean incomes is close to the eigenvector associated with
ψsmax. In economic terms, couples who substitute from choices tend to compress income
deviations from mean at a fairly uniform rate across the choice space. In conjunction with
the log utility assumption, this imparts the affine component to optimal taxes.

Deviation of the optimal tax code from affine is most notable at choices (M/M) (both
spouses part-time) and (L/H) (husband no time, wife full-time). Although (M/M) couples
have pre-tax earnings that are approximately $10,000 below those of (L/H) couples, they
pay essentially the same taxes: the marginal tax rate is about 0% on income associated
with the (M/M)/(L/H) choice margin. Inserting optimal values for (M/M) and (L/H) into
(24) yields

τM/M − τL/H︸ ︷︷ ︸
$163

= θM/M − θL/H︸ ︷︷ ︸
−$1448

+{−CovQ(mQ�θ)|M/ML/H

}
︸ ︷︷ ︸

$1611

�

Although a lower after-tax income and θ value motivates a lower tax at (M/M) relative
to (L/H), this is offset by a higher value for −CovQ(mQ�θ) at (M/M). Substitutability
between (M/M) and high θ states is greater than for (L/H) and this promotes taxation
at (M/M).

Income Variation Within and Across Hours Choices. The preceding results abstract
from income variation among agents making the same hours choice. This obscures the
differential tax treatment of couples who earn the same household income through dif-
ferent household labor supply combinations. If two couples file the same income, should
the distribution of hours (and incomes) across the couples’ members qualify one for a tax
deduction? To evaluate this, we implement an extension of our baseline model in which
couples randomly draw a wage for each member and then select among hours. Equiva-
lently, they select from the random discrete income sets implied by their wage draw and
hours options. This framework can be accommodated in our mixed logit framework by
treating spousal income pairs as a choice and wages as an additional mixing variable. De-
tails are given in Online Appendix C.

Figure 9 displays results. The broad pattern of optimal taxes aligns with that obtained
from the simpler model described above. However, now, while taxes tend to rise with
household income, (near) identical incomes receive different tax treatments contingent
on the hours combination generating them. Figure 9(b) illustrates by showing the incomes
and tax liabilities associated with the (H/L) and (H/H) choices. Two couples generating
the same total income (and in which the husband works full-time) have different liabilities
contingent on whether the wife works full- or no time. Specifically, the couple in which the
wife works full-time receives a tax deduction of $9000 on average relative to the household
in which she does not. Such tax deductions are used to induce the wife to work and deter
substitution into lower hours choices. Consider the following pair of households extracted
from Figure 9(b). The first selects (H/H) and earns pre-tax income $49,429; the second
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FIGURE 9.—Optimal couple taxation.

chooses (H/L) and earns $49,611. While the pre-tax incomes of these households are
close, their tax liabilities are much further apart: The (H/H) household pays $4511 less in
tax. Equation (37) facilitates interpretation:

τH/H − τH/L︸ ︷︷ ︸
$−4511

= θH/H − θH/L︸ ︷︷ ︸
$879

+{−CovQ(mQ�θ)|H/HH/L

}
︸ ︷︷ ︸

$−5390

� (37)

The covariance term in (37) formalizes the incentive motive for the tax deduction received
by the (H/H) couple. The covariance between mean first passage times and θ choices is
greater for the (H/H) couple than the (H/L) couple. Thus, relative to the (H/L) couple
the (H/H) couple has lower mean first passage times to low θ choices and higher mean
first passage times to high θ choices. In turn, this indicates that the (H/H) couple is more
likely to substitute into lower θ choices (in which the wife works less) and the (H/L)
couple is more likely to substitute into higher θ choices (in which the wife works more).
Deterring the first and encouraging the second creates the motive for the (H,H) couple
tax deduction.

8. CONCLUSION

The mixed logit has emerged as a workhorse demand/supply specification for modern
structural equilibrium discrete choice models. It accommodates environments in which
agents solve non-smooth discrete choice problems on potentially unstructured choice sets
and in such settings allows a flexible modeling of substitution responses to after-tax price
changes. These elements permit a rich modeling of income-generating choice and its re-
sponse to tax variation. This paper connects the tools of applied discrete choice analysis
to optimal tax theory. It provides new tax formulas oriented toward helping practitioners
interpret their results and understand the role of a priori assumptions in shaping those
results. In a mixed logit setting, the key behavioral responses required by optimal tax
formulas are related to a Markov substitution matrix. This connection permits deriva-
tion of “inverted” optimal tax equations that relate optimal taxes to the interaction of
public marginal redistributive objectives and private substitution behavior, with the latter
summarized by mean first passage times between choices. In more structured settings,
conditions for optimal taxes to be monotone in choice or income, affine or convex in in-
come are identified. In some settings, bounds on regression coefficients of optimal tax on
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income are available. When choice data is generated by a repeated mixed logit model, we
show that the substitution matrix can be inferred from data on the flow of agents across
choices. We apply our identification strategy and theoretical results to two salient exam-
ples from the literature: spatial taxation, where we allow preferences to be specified across
U.S. locations and conditional on education levels, and taxation of couples, where we can
accommodate differential labor supply of both spouses. Future work should further elab-
orate theory and methods for environments in which costs of choice adjustment or other
frictions are large relative to flow payoffs and the environment is not well approximated
by a repeated mixed logit (or a sticky choice) model. For progress in this direction, see
Kurnaz, Michelini, Özdenoren, and Sleet (2022).

REFERENCES

ALES, LAURENCE, AND CHRISTOPHER SLEET (2015): “Technical Change, Wage Inequality, and Taxes,” Amer-
ican Economic Review, 105 (10), 3061–3101. [2401]

(2022): “Supplement to ‘Optimal Taxation of Income-Generating Choice’,” Econometrica Supple-
mental Material, 90, https://doi.org/10.3982/ECTA18542. [2400]

ARCIDIACONO, PETER, AND ROBERT MILLER (2011): “Conditional Choice Probability Estimation of Dynamic
Discrete Choice Models With Unobserved Heterogeneity,” Econometrica, 79 (6), 1823–1867. [2420]

ATKINSON, ANTHONY, AND JOSEPH STIGLITZ (1972): “The Structure of Indirect Taxation and Economic Effi-
ciency,” Journal of Public Economics, 1 (1), 97–119. [2401,2405,2406,2411]

(1976): “The Design of Tax Structure: Direct versus Indirect Taxation,” Journal of Public Economics,
6 (1–2), 55–75. [2401,2405]

BERRY, STEPHEN, JAMES LEVINSOHN, AND ARIEL PAKES (1995): “Automobile Prices in Market Equilibrium,”
Econometrica, 63 (4), 841–890. [2420,2422]

BESAG, JULIAN, AND DEBASHIS MONDAL (2013): “Exact Goodness-of-Fit Tests for Markov Chains,” Biomet-
rics, 69, 488–496. [2421]

BLUNDELL, RICHARD, AND THOMAS MACURDY (1999): “Labor Supply: A Review of Alternative Ap-
proaches,” in Handbook of Labor Economics, Vol. 3, ed. by O. Ashenfelter and D. Card. Elsevier Press,
1559–1695, Chapter 27. [2431]

CHETTY, RAJ (2012): “Bounds on Elasticities With Optimization Frictions: A Synthesis of Micro and Macro
Evidence on Labor Supply,” Econometrica, 80 (3), 969–1018. [2400,2420]

COLAS, MARK, AND KEVIN HUTCHINSON (2021): “Heterogeneous Workers and Federal Income Taxes in a
Spatial Equilibrium,” American Economic Journal: Economic Policy, 13 (2), 100–134. [2401,2406,2424]

DIAMOND, PETER (1975): “A Many-Person Ramsey Tax Rule,” Journal of Public Economics, 4 (4), 335–342.
[2401]

DIAMOND, PETER, AND JAMES MIRRLEES (1971): “Optimal Taxation and Public Production II: Tax Rules,”
The American Economic Review, 61 (3), 261–278. [2401]

DIAMOND, REBECCA (2016): “The Determinants and Welfare Implications of U.S. Workers’ Diverging Loca-
tion Choices by Skill: 1980–2000,” American Economic Review, 106 (3), 479–524. [2424,2429]

FAJGELBAUM, PABLO, AND CECILE GAUBERT (2020): “Optimal Spatial Policies, Geography and Sorting,” The
Quarterly Journal of Economics, 135 (2), 959–1036. [2401,2406,2424]

GOMES, RENATO, JEAN-MARIE LOZACHMEUR, AND ALESSANDRO PAVAN (2018): “Differential Taxation and
Optimal Choice,” Review of Economic Studies, 85 (1), 511–557. [2401]

HERNÁNDEZ-LERMA, ONESIMO, AND JEAN LASSERRE (2012): Further Topics on Discrete-Time Markov Control
Processes, Vol. 42. Springer Science & Business Media. [2411]

HOSSEINI, ROOZBEH, AND ALI SHOURIDEH (2019): “Inequality, Redistribution and Optimal Trade Policy: A
Public Finance Approach,” Unpublished Manuscript, Carnegie Mellon University. [2401]

HOYNES, HILARY (1996): “Welfare Transfers in Two-Parent Families: Labor Supply and Welfare Participation
Under AFDC-UP,” Econometrica, 64 (2), 295–332. [2431]

KLEVEN, HENRIK, CLAUS KREINER, AND EMMANUEL SAEZ (2009): “The Optimal Income Taxation of Cou-
ples,” Econometrica, 77 (2), 537–560. [2431]

KROFT, KORY, KAVAN KUCKO, ETIENNE LEHMANN, AND JOHANNES SCHMIEDER (2020): “Optimal Income
Taxation With Unemployment and Wage Responses: A Sufficient Statistics Approach,” American Economic
Journal: Economic Policy, 12 (1), 254–292. [2401]

KURNAZ, MUSAB, MARTIN MICHELINI, HAKKI ÖZDENOREN, AND CHRISTOPHER SLEET (2022): “Tax Design
in Dynamic Discrete Economies,” Unpublished Manuscript, Carnegie Mellon University. [2435]

http://www.e-publications.org/srv/ecta/linkserver/setprefs?rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:1/AS15&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
https://doi.org/10.3982/ECTA18542
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:3/AM11&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:4/AS72&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:5/AS76&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:6/BLP95&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:7/BM13&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:9/Chetty12&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:10/CH16&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:11/D75&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:12/DM71&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:13/diamond2016determinants&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:14/FG18&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:15/GLP17&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:18/Ho96&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:19/kleven2009optimal&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:20/KKLS20&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:1/AS15&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:3/AM11&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:4/AS72&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:5/AS76&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:5/AS76&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:6/BLP95&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:7/BM13&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:9/Chetty12&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:10/CH16&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:12/DM71&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:13/diamond2016determinants&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:14/FG18&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:15/GLP17&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:18/Ho96&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:19/kleven2009optimal&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:20/KKLS20&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:20/KKLS20&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T


2436 L. ALES AND C. SLEET

LAMOND, BERNARD, AND MARTIN PUTERMAN (1989): “Generalized Inverses in Discrete Time Markov Deci-
sion Processes,” SIAM Journal on Matrix Analysis, 10, 118–134. [2411]

LAROQUE, GUY, AND NICOLA PAVONI (2017): “Optimal Taxation in Occupational Choice Models: An Appli-
cation to the Work Decisions of Couples,” IFS Working Papers, No. W17/07. [2401,2431]

LEHMANN, ETIENNE, SANDER RENES, KEVIN SPIRITUS, AND FLORIS ZOUTMAN (2019): “Optimal Taxation
With Multiple Incomes and Types,” Unpublished Paper. [2401]

MACFADDEN, DANIEL (1974): “Conditional Logit Analysis of Qualitative Choice Analysis,” in Frontiers in
Econometrics, ed. by Paul Zarembka. Academic Press, 105–142. [2406]

MCFADDEN, DANIEL, AND KENNETH TRAIN (2000): “Mixed MNL Models for Discrete Response,” Journal of
Applied Econometrics, 15 (5), 447–470. [2402]

MIRRLEES, JAMES (1971): “An Exploration in the Theory of Optimum Income Taxation,” Review of Economic
Studies, 38 (2), 175–208. [2401]

NEVO, AVIV (2000): “A Practitioners Guide to the Estimation of Random-Coefficient Logit Models of De-
mand,” Journal of Economics & Management Strategy, 9 (4), 513–548. [2407]

ROTHSCHILD, CASEY, AND FLORIAN SCHEUER (2013): “Redistributive Taxation in the Roy Model,” Quarterly
Journal of Economics, 128, 623–668. [2401]

(2014): “A Theory of Income Taxation Under Multidimensional Skill Heterogeneity,” NBER WP
19822. [2401]

SACHS, DOMINIK, ALEH TSYVINSKI, AND NICOLAS WERQUIN (2020): “Nonlinear Tax Incidence and Optimal
Taxation in General Equilibrium,” Econometrica, 88 (2), 469–493. [2401]

SAEZ, EMMANUEL (2001): “Using Elasticities to Derive Optimal Income Tax Rates,” Review of Economic
Studies, 68 (1), 205–229. [2401]

(2002): “Optimal Income Transfer Programs: Intensive versus Extensive Labor Supply Responses,”
Quarterly Journal of Economics, 117 (3), 1039–1073. [2399,2401,2404,2406,2412,2416]

(2004): “Direct or Indirect Tax Instruments for Redistribution: Short-Run versus Long-Run,” Journal
of Public Economics, 88 (3), 503–518. [2401,2404]

SCHEUER, FLORIAN, AND IVAN WERNING (2016): “Mirrlees Meets Diamond-Mirrlees,” NBER WP 22076.
[2401]

STOKEY, NANCY, ROBERT LUCAS, AND EDWARD PRESCOTT (1989): Recursive Methods in Economic Dynamics.
Harvard University Press. [2418]

TOPKIS, DONALD (2011): Supermodularity and Complementarity. Princeton University Press. [2418]
TRENDELKAMP-SCHROER, BENJAMIN, HAO WU, FABIAN PAUL, AND FRANK NOE (2015): “Estimation and

Uncertainty of Reversible Markov Models,” Journal of Chemical Physics, 143, 174101. [2421,2424]

Co-editor Alessandro Lizzeri handled this manuscript.

Manuscript received 1 June, 2020; final version accepted 26 April, 2022; available online 19 May, 2022.

http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:22/LP89&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:26/MT00&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:27/Mi71&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:28/Ne00&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:29/RS13&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:31/STW18&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:32/Saez01&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:33/Saez02&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:34/Saez04&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:38/TSWPN15&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:22/LP89&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:26/MT00&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:27/Mi71&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:28/Ne00&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:29/RS13&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:31/STW18&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:32/Saez01&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:33/Saez02&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:33/Saez02&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:34/Saez04&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:34/Saez04&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T
http://www.e-publications.org/srv/ecta/linkserver/openurl?rft_dat=bib:38/TSWPN15&rfe_id=urn:sici%2F0012-9682%282022%2990%3A5%3C2397%3AOTOIGC%3E2.0.CO%3B2-T

	Introduction
	Literature
	Layout

	Optimal Taxation in Mixed Logit Environments
	Individual Choice
	Production and Equilibrium
	Optimal Policy
	Literature Connections

	Mixed Logit Behavioral Responses
	Substitution in the Simple Logit
	Substitution in the Mixed Logit

	Optimal Tax Design for Unstructured Choice Environments
	Redistribution Vectors
	Optimal Tax Conditions in Terms of Q and theta
	Explicit Optimal Tax Equations

	Optimal Tax Equations for Structured Environments
	Simple Logit
	Log-in-Consumption Utility
	Separable Mixed Logit

	Connecting Mixed Logit Behavioral Responses to Data
	Identiﬁcation of Separable Mixed Logit Parameters
	Nonparametric Identiﬁcation of Q at an Equilibrium
	Disciplining Structural Estimates With Transition Data

	Sticky Choice
	Sticky Shocks and Sticky Choice


	Quantitative Applications
	Optimal Place-Based Taxation
	Recovering the Substitution Matrix
	Analysis of the Substitution Matrix
	Evaluation of the Current Tax Code
	Structural Mixed Logit and Optimal Taxes
	Results

	Optimal Place-Based Taxation by Educational Group
	Optimal Taxation of Couples' Labor Supply
	Results
	Income Variation Within and Across Hours Choices


	Conclusion
	References

